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ABSTRACT

Delivering fattening pigs that meet the customer's requirements is a business priority.
However, weighing all fattening pigs is the time-consuming task and makes them more stressful.
Therefore, a weight estimation method based on employees’ experience and a partial sampling of the
pigs were used. In some situations, it led to deliver the pigs with less or more weight than specified by
the customers.

This work proposes a highly accurate estimation of pig weight by modeling the high-angle
images obtained by Depth Image cameras using deep learning techniques. The average predicted
deviation is only 1.03 kg from the actual weight. In addition, fast response time can be obtained from
our model since using compact model i.e. MobileNetVSmall. As result, in the real situations, our system

is capable of selecting pigs with the proper weight specitfied by customers and reduces processing time.
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