LTS

4

JTUUULYSYBYARARBNIINNETTERNUAANINEAe Uy Usshvg

<9

A LUAINTT

astnusiludiunisvasnisinumundngnsieanssuaaasuniudge
#1913ANTTUVYAVUIA VR
MgdpuInnTIHAUWAlUlaELaLIAINTTUAENS
UnIngaegInaliading

Un1sAnen 2565



SYSTEM FOR CENSORING PERSON'S NAME
FROM COURT SENTENCES USING ARTIFICIAL INTELLIGENCE

WITSARUT LAODARA

A Thematic Paper Submitted in Partial Fulfillment of the
Requirements for the Degree of Master of Engineering
Department of Big Data Engineering,

College of Innovative Technology and Engineering
Dhurakij Pundit University
Academic Year 2022



Tususasasiwusd
- w [ = - I - w - oW - L3
erdruisntruaumalulaguasisinssusans uvianedeginalnding

Fmnsumasnmiuds avviviisnsudoyavunnlng

Vdoaninus suuduwaifousmasanainionansaunusriwinmfedligguseieg
erualme IEIE AT

a1u7ivn AmansTdayaTualng)

anasEEneansing misuing danedng

Mg TntuseulmemaEnTTUANIADUATTINUSLA?

@2/”/ ’/A m’ UTEsTUATINATS

|i'|'!|' ’1‘5‘5“!;']1'1.: 1 f'l'll'1[i'|:|

. = P o e - W
) a T ATTUATTMU TR AT TUNLS

(mo.5uAms fameans)

T
'/f.a‘]l: el ATTUATT

(lg?ﬁ":ﬂﬁ’l AT mI.mAla Iematu)

- e - o - -
MenagulanIIueTUMmMAlulaguaz AN TINATERT TUTBALAD

e, w wr 3 =
: g - FELUMIMETARWIR ﬂﬁTJ]ﬂ']UlﬂHT'HTﬁHLLﬂE

MINTIUAART

(MITewT TUEATRERUS)

L]

uil 31 1fou NIy WAL 2566



WitaTinus FTUUTLesTayAraaananenasawnuiivineimelyaiuseivg

FofiTen AN A9
9191387UTnW A3. susins fnzdng
NANgNS Amnssuteyavunaivg
Unsfinw 2565

UNANYD

dinaumagAsssuinsdaiviininumdnisdaiuiininwatuiuluafsiusy

[

nnsawnuenasiuasnuwesiugdwuulng POF Nfdnvazilulndsunmdmsuldludoyalnd

1
(Y o A a

5L§ﬂwiaﬁﬂéuaﬂﬁu%mi@jmmﬁLﬁmsﬁaaﬁ’ma winsidauuagauisinsiiteyafininyiad

wennshiszavwnilvdmiuldduwrasdeyauaznsfinu Wesanliaunsadamedeunnaluaf

q

danssay nszuunsideddidmiilunisgeiionivesmfininuiiiefintoyananiesnans

¥

a a Y = o L] v Y Ay a ua o a
uﬂﬂa‘ﬂLﬂﬁl?maﬂ@@ﬂﬂ\iu’]aaﬂLNEJLLW{L@ sﬁﬂisﬁigﬁlglﬂ]aqLLagLﬂ]qﬁquQUQUWIUﬂqiﬂqLUUﬂqi

= Nt a
ANIANYIUIY

o

¢ A o [ a o IS ¥ -
noUsrasAiiedaviszuunszuIumsndinaluladun ldnsiaaeuieuy
enaEsAmInwinteu UAanulumsaiiiunisgeminnwikaranseezlialash uauuinise
Tumsaiiunsvevtngui ianu

[ <

TuanAded Juhlndamimnunddnussidusunmudinseuiunis Optical Character
Recognition vin1seudeanuluenarseenundudemiy fausarunfnuenldfie Uy uves
nashagMsTuAimtvenagld Named entity recognition Le¥IEkeNTOUAARBONIINTDAIY

555UA1 Faan1sIdeaunsatislimuiveauanaluminnykazUnUntannudulngle

AEAY: ATINN®I, NMS3TNBNVIEAELAY, NTEyTnAtddny

oA 2NN

( 2191597 USNW" )




Thematic Paper Title SYSTEM FOR CENSORING PERSON'S NAME FROM COURT
SENTENCES USING ARTIFICIAL INTELLIGENCE
Author WITSARUT LAODARA
Thematic Paper Advisor Dr.Thanapat Kangkachit
Department Big Data Engineering
Academic Year 2022
ABSTRACT

The Office of the Court of Justice stores judgments, stores full judgments in cases
compiled from scanned documents via scanners in the form of PDF files that look like image
files for use as electronic file data and provides services for parties related to case However,
there are tasks and demands to disseminate judgment information to the general public for
use as a source of information and education. Because the name of the person in the case
cannot be disclosed to the public this process therefore requires officials to abbreviate the
content of the judgment in order to remove the name of the person or refer to the person
involved, so that it can be published. Which takes time and staff to perform the process?

This study aims to establish a process system that uses technology to verify
names on judgment documents. Brought to help operators in executing judgments and
reducing time and lighten the burden of the operators.

In this research, use the judgment file image file to Optical Character Recognition
process to get text in the document. That can be extracted person's name from single
sentence with document format and split from title's person, and named entity recognition
is used to help identify people's names from plain text. It can help the placement of a

person's name in the judgment and conceal most of the text.

Keywords: Judgment, Optical Character Recognition, Named entity recognition
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2.1 Image processing
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2.2 Optical Character Recognition (OCR)
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Image with text
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PDF OCR —

1=

Scanned or Printed or handwritten
document
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Engine arilufiniseruduussindaqiuimununianesdu 5 sesdugilén (UTF-8) waznwn
A99UINNTT 100 N1 1WeUlUSLATUAIEAIYY Python sassulidnatsussanlaun joeg, png, gif,
BMP 1841 [1]
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N9 Python [2]



2.3 National language processing
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2.4 Named-entity recognition
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2.5 nuddeiiineados
1) An Analysis of the Performance of Named Entity Recogntion over OCRed

Documents [5]
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2) Named entity extraction from images using natural language processing

pipelines [6]
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3) Named Entity Recognition For Scanned Images [7]
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4) Comparison of Named Entity Recognition tools for raw OCR text [8]
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5) Extracting person names from diverse and noisy OCR text [9]
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s Swaudeanuiing | vundenrnu vuateradild | vuindearudils
fiualu fiuatu 9InOCR %ag NER
4228 p 1 2/2 (100%) | 16 8 (50%) 8 (50%)
4228 p 1 16 15 (94%) 15 (94%)
4228 p 2 3/3 (100%) | 16 8 (50%) 8 (50%)
4228 p 2 16 16 (100%) 16 (100%)
4228 p 2 19 19 (100%) 19 (100%)
4258 p 1 a/4 (100%) | 25 25 (100%) 25 (100%)
4258 p 1 17 17 (100%) 17 (100%)
4258 p 1 17 17 (100%) 17 (100%)
4258 p 1 11 66 (17%) 11 (100%)
4258 p 2 a/4 (100%) | 24 47 (51%) 26 (92%)
4258 p 2 17 7 (41%) 7 (41%)
4258 p 2 15 16 (93%) 16 (93%)
4258 p 2 18 19 (95%) 19 (95%)
5477 p 1 3/5 (60%) | 17 18 (94%) 18 (94%)
5477 p 1 16 23 (70%) 8 (50%)
5477 p 1 7 a4 (15%) 7 (100%)
5477 p 2 1/2 (50%) |7 64 (119%) 11 (63%)
5477 p 3 a/5 (80%) | 16 33 (48%) 18 (89%)
5477 p 3 7 a3 (16%) 14 (50%)
5477 p 3 7 39 (18%) 7 (100%)
5477 p 3 7 17 (41%) 7 (100%)
5477 p 4 1/1 (100%) | 16 55 (29%) 18 (89%)
5477 p 5 3/4 (75%) | 16 54 (30%) 23 (70%)
5477 p 5 7 35 (20%) 7 (100%)
5477 p 5 7 a1 (17%) 7 (100%)
5477 p 6 0/0 (100%)
5477 p 7 2/2 (100%) 17 19 (89%) 19 (89%)
5477 p 7 15 15 (100%) 15 (100%)
5496 p 1 5/5 (100%) 16 19 (84%) 19 (84%)
5496 p 1 16 30 (53%) 16 (100%)
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5496 p 1 16 15 (94%) 8 (50%)
5496 p 1 17 19 (89%) 19 (89%)
5496 p 1 15 15 (100%) 15 (100%)
5524 p 1 6/6 (100%) | 15 15 (100%) 15 (100%)
5524 p 1 16 17 (94%) 17 (94%)
5524 p 1 13 13 (100%) 13 (100%)
5524 p 1 16 21 (76%) 16 (100%)
5524 p 1 14 15 (93%) 15 (93%)
5524 p 1 15 7 (47%) 7 (47%)
5539 p_1 3/3 (100%) | 13 15 (87%) 15 (87%)
5539 p_1 20 13 (65%) 13 (65%)
5539 p_1 20 49 (41%) 22 (91%)
5539 p 2 3/4 (75%) |13 51 (25%) 27 (48%)
5539 p 2 23 22 (96%) 22 (96%)
5539 p 2 15 15 (100%) 15 (100%)
5600 p_1 /7 (100%) | 15 21 (71%) 15 (100%)
5600 p_1 15 36 (42%) 14 (93%)
5600 p_1 15 68 (22%) 15 (100%)
5600 p_1 15 38 (39%) 14 (93%)
5600 p_1 15 15 (100%) 15 (100%)
5600 p_1 18 18 (100%) 18 (100%)
5600 p_1 21 21 (100%) 21 (100%)
5617 p 1 2/1 (50%) | 18 17 (94%) 17 (94%)
5617 p 1 0 7 7

5617 p 2 1/1 (100%) | 15 20 (75%) 15 (100%)
5617 p_3 1/1 (100%) | 18 20 (90%) 20 (90%)
5767 p 1 2/2 (100%) | 13 14 (93%) 14 (93%)
5767 p 1 18 18 (100%) 18 (100%)
5783 p 1 2/2 (100%) | 16 10 (63%) 10 (63%)
5783 p 1 13 7 (54%) 7 (54%)
5783 p 2 1/2 (50%) 18 17 (94%) 17 (94%)
5783 p 3 2/1 (50%) | 16 17 (94%) 15 (94%)
5783 p 3 13 18 (72%) 7 (54%)
5783 p 4 1/2 (50%) | 17 15 (88%) 14 (82%)
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5783 p 5 3/4 (75%) | 16 15 (94%) 15 (94%)
5783 p 5 13 14 (93%) 14 (93%)
5783 p 5 18 18 (100%) 15 (83%)
5841 p 1 2/2 (100%) | 15 18 (83%) 16 (94%)
5841 p 1 34 37 (92%) 33 (37%)
5841 p 2 0/0 (100%)

5841 p 3 0/0 (100%)

5841 p 4 0/0 (100%)

5841 p 5 11 (100%) | 17 17 (100%) 17 (100%)
5845 p 1 3/3 (100%) | 15 15 (100%) 15 (100%)
5845 p 1 20 20 (100%) 20 (100%)
5845 p 1 14 4 (29%) 4 (29%)
5845 p 2 11 (100%) | 14 35 (40%) 14 (100%)
5845 p 3 0/0 (100%)

5845 p 4 2/1 (50%)

5845 p 4 18 18 (100%) 18 (100%)
5851 p_1 2/2 (100%) | 19 21 (90%) 18 (95%)
5851 p 1 2/2 18 23 (78%) 18 (100%)
5851 p 2 0/0 (100%)

5851 p 3 0/0 (100%)

5851 p 4 11 (100%) | 17 17 (100%) 17 (100%)
5885 p_1 1/2 (50%) | 38 18 (47%) 14 (37%)
5885 p 2 0/0 (100%)

5885 p_3 11 (100%) | 17 17 (100%) 17 (100%)
5912 p 1 3/3 (100%) | 13 13 (100%) 13 (100%)
5912 p 1 20 23 (87%) 20 (100%)
5912 p 1 15 5 (33%) 5 (33%)
5912 p 2 11 (100%) | 19 19 (100%) 19 (100%)
5927 p 1 1/1 (100%) | 17 9 (53%) 9 (53%)
5927 p 2 0/0 (100%)

5927 p 3 0/0 (100%)

5927 p 4 1/1 (100%) | 17 17 (100%) 17 (100%)
5931 p 1 2/2 (100%) | 25 16 (64%) 16 (64%)
5931 p_1 26 16 (62%) 16 (62%)
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5931 p 2 1/1 (100%) | 23 22 (97%) 22 (97%)
5942 p 1 1/2 (50%) | 18 19 (95%) 19 (95%)
5942 p 2 1/1 (100%) | 23 23 (100%) 23 (100%)
5943 p 1 1/1 (100%) | 16 16 (100%) 16 (100%)
5943 p 2 1/1 (100%) | 23 22 (96%) 22 (96%)
5944 p 1 0/0 (100%)

5944 p 2 0/0 (100%)

5944 p 3 1/1 (100%) | 18 20 (90%) 20 (90%)
5945 p 1 0/0 (100%)

5945 p 2 1/1 (100%) | 14 64 (22%) 14 (100%)
5945 p 3 1/1 (100%) | 12 a7 (26%) 12 (100%)
5945 p 4 1/1 (100%) | 18 18 (100%) 18 (100%)
5946 p 1 1/1 (100%) | 12 10 (83%) 10 (83%)
5946 p 2 1/1 (100%) | 18 18 (100%) 18 (100%)
5947 p 1 5/3 (60%) | 17 17 (100%) 17 (100%)
5947 p 1 22 17 (77%) 10 (45%)
5947 p 1 0 6 (0%) 6 (0%)
5947 p 1 18 18 (100%) 18 (100%)
5947 p 1 0 5 (0%) 5 (0%)
5948 p 1 3/3 (100%) | 17 17 (100%) 17 (100%)
5948 p 1 16 16 (100%) 16 (100%)
5948 p 1 17 17 (100%) 17 (100%)
5949 p 1 0/1 (0%)

5949 p 2 1/1 (100%) | 18 18 (100%) 18 (100%)
5950 p 1 1/1 (100%) | 21 12 (57%) 12 (57%)
5950 p 2 1/1 (100%) | 18 18 (100%) 18 (100%)
5951 p 1 1/1 (100%) | 15 16 (94%) 16 (94%)
5951 p 2 1/1 (100%) | 18 18 (100%) 18 (100%)
5952 p 1 1/1 (100%) | 29 11 (38%) 11 (38%)
5952 p 2 1/1 (100%) | 18 18 (100%) 18 (100%)
5953 p 1 1/1 (100%) | 14 14 (100%) 14 (100%)
5953 p 2 1/1 (100%) | 18 18 (100%) 18 (100%)
5954 p 1 0/1 (0%) 0 0

5954 p 2 1/1 (100%) | 18 18 (100%) 18 (100%)
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