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ABSTRACT

This research is the study of setting appropriate sales targets. The purpose of this
study was to compare the sales forecasting methods of 5 drugs. A researcher used the time
series method using five forecasting methods: the moving average method, the One-time
exponential smoothing method, the Double Exponential Smoothing Method, Winter's
method, and the decomposition method. Minitab Version 17 is used as a tool for simulation
and calculation. The problem encountered was a discrepancy between the actual sales and the
sales target set by the company, equal to 25,187 pieces or equal to 17.23% of the actual
sales. The data analyzed as quarterly data of the sales of each drug collected from January
2016 to December 2020.

The research results revealed that the patterns of sales data for five drugs were in
trend and seasonal patterns. The analysis of 5 forecasting methods based on MSD, MAD,
and MAPE values found that the most suitable forecasting method was Winter's method to
forecast sales of Medicinel, Medicine2, and Medicine3. A decomposition method for the
Used Medicine4 and Medicineb sales forecast. Therefore, the sales forecast from January
2021 to March 2021 can predict 147,480 pieces, compared to the total actual sales of
146,213 pieces, which is the discrepancy between actual sales and forecast sales. One
thousand two hundred sixty-seven pieces or equal to 0.87% of actual sales. There is a minor
discrepancy compared to the disparity between actual sales and sales targets set by the

company.
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2.3.2.1.5.2 MitenoInlsznoutuumIuIn (Additive Decomposition)

Yt =Tt+Ct+St+It (211)
9 Y
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2322 mﬂuﬂmiwmﬂimuumﬂummﬂuwa (Casual of explanatory methods)

v [ 4

o a o A @ 1 @
PINTT IUNTNIY (2544) Ulﬁllu&uﬂmﬂuﬂﬂ'lﬁwEﬂﬂimﬂlﬂiﬂgﬁﬂﬂﬂ!l@]ﬁgﬁﬂ‘ﬂmg

'
9 v A ~

a 4 a % o
doya miaaduludenldmaiinlunmsweinssiernnnsu lqandnyuzvesdoyaniinig
7 a v o 9 3 PPN o v o o A~
WIINITU !ﬂﬂUﬂﬂ'J'liJﬁiJWH‘ﬁ"UfNeU@ua LﬂUﬂ'ﬁWEJ']ﬂﬁm‘ﬂ:]iﬂﬁ’]gWﬂ')’liJﬁllWH‘ﬁﬂJﬂ\?ﬁﬂllﬂi nuv
1 % { 4 dﬂl 1 ]
Waﬂizﬂﬂﬁﬂﬁjllﬂiﬁﬁ}@\iﬂ'ﬁw&']ﬂim UONV1N U Simchi-Levi and Kaminsky (2009) Na13191
I as 4 a 4 [ v JA a dg@l @

Casual model Lﬂu'ﬁ“ﬁﬂ’lﬁwU’lﬂimiugﬂllﬂﬂ'ﬂ!ﬂi’lgﬂﬂﬁ'lﬂﬁuwuﬁﬂlﬂ@muﬂlﬂﬁﬁjllﬂignm
. % 9 . Lé 1 4 % d‘ 9

(Dependent variable) 8¢ ausau (Independent variable) Fapnernsavedanilsaiun'ld

L%I [ (2 9 A [ [ 1 yé’ (% 1 9 a = =
i]mluﬂumuﬂmuwmﬂﬂwmm ﬂizﬂﬂ‘ﬂﬂu ]111]‘1@]61]uﬂ‘]Jﬂ']GI‘fﬂsUagﬁl%\il?ﬁ?iuﬂﬂﬂw\lﬂﬂ
[ = o 9 o g’/ Aa 9 3 o 4 o w
ﬂﬂﬁ)ﬂlﬂﬂ') Tﬂﬂmimﬂmga LmzmuﬂimﬁuﬂﬂummwLﬂumuuumiwmmm UagUIN)
Ay v P 7 @ Y a P ' A

LL‘}J‘U‘1/1‘1@uuwmmmm&gmsmiuﬂmﬂﬂ ll@lllﬂ NI1TAIUANTICHNITDADDYLUUINIYNIONIT
S a A . . A a g . X 3 ~
NWYINTULFIUAY (Simple regression) 39 NITDANDYLYIUT Y (Linear regression) Wuaunish
a a o @ o o 4 4 o 4
LlElllslsla)'}bluﬂ11!3%EJﬂTiﬁ]ﬂTnLLUlIﬁ]”Iﬁ@QVI”NLﬁﬁBﬂﬂ”Iﬁ@S !ﬁﬂ\?ﬁ]”IﬂLLU‘]Ji]"Iﬁf’]QVI”I\‘]LﬁﬁHﬂﬁ"Iﬁ@]ﬁ

= Y o v o J 9 I a Y [ a
ﬁ]%llLLH?IHNﬁﬂHﬂl%ﬂ’JTNﬁﬂJWUTﬂJ@Q lei’JﬁsljaLllLlL%QLﬁ'HIﬂEJ’dﬂHﬂ!%ﬂJ@QﬁNﬂWi N1TDADNDYLY



16

Y I J @ o (% v W a [ 9 a a
iduazilumsmaanuduiusvesaulsaunualsoasg luanvasvoyaralsum
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