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ABSTRACT

Applying the perception of satisfaction level result or the assessment results to improve
work efficiency, solve problems in different aspects of work system are need for organization
development.

At present, there are many forms of satisfaction evaluation including; answer the set of
question. However, “text comment” is a interested evaluation form. The result of data will be show in
term of sentence which specify personal need by the set of question.

Prioritization is the pain point of this topic. Since the importance and urgent issue are not be in line
with the organization problem. This will be affected the trust, quality of work and time spent.

The main activities of HAI are organizing activities, academic courses, seminars including the
academic event with many participants. The problem that found from project coordinator are

that the process of activity evaluation . It takes difficult by using human management for categorizing
the text and suggestions from participant. Thus, technology is the opportunity for developing the trust
and data accurate. To summarize the results of big set of data. Timeless can be increasing the value of
work.

This tool will be automatic categorize the text of evaluation form. The process are read
the text from evaluation form, labeling answer from 15 person of academic and create Labeling
responses by 15 person of academic and combining comments to crystallize and create a prototype of

17,000 texts.



Then use the data exploration and classification data management to convert class
numerical Labeling and text that cannot be used (\n [\ d [N[[W[NA NS [N N2 VN H[N(D N\
") Then use Deep cut Tokenize to wrap words because the Model tool that will be used is LSTM
requires data to be imported. Model must be Array numbers, so wiki.th is required to convert the data.
To get X, Y, then create a model to receive the entrance fee to do (Train Test), where Lookup = 50

and epochs =25 found to be 68.91% accurate.
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MNN 2.4 11AA9 Recurrent Neural Networks (RNNs)
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2.7 Data Text Mining

L9 < Ao 9 Y a A °
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b WHGIBJ)’EJM”E}"UHMGMQJ' (Large Textual Information) ﬁagﬂug 11111 unstructured data to structured 19
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3.1.1 Data Understanding

(%

.. 4 { o I . . o W o 1
1Intlay1ueIns Priority GoaNdAny 1Juga Pain Point diAyuaziieniIu linsinim
Aa 2 ' ' A & A = 3 A )
TyMMAaTY AN VTN LAZAMNINYDINY HazFoal anszauaslarinnyi
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3.1.2 Data Preparation

9 o ya o v a oa o 9
E'Jﬂﬂhlmalf')‘ﬁﬂ'ﬁl%ﬂu%ﬂﬂ’lﬁﬂﬂ?ﬂigﬂﬂﬂaﬂﬁﬂ'ﬁ Google Colab T@ummwamm

1NMIYILIUNANITING Data Exploration

<»
[ ] #Uploading the Dataset

from google.colab import files
uploaded = files.upload()

[ | 3 No file chosen | Upload widget is only available wh
Saving cattigoriesLabel.csv to cattigorieslLabel.csv

[ 1 data = pd.read_csv("cattigoriesLabel.csv", sep=",", names = [

[ 1 data.info()
data.head(10)

[> <class 'pandas.core.frame.DataFrame'>
Rangelndex: 888@ entries, 8 to 8799
Data columns (total 2 columns):
text 88ee non-null cbject
class 88ee non-null cbject
dtypes: object(2)
memory usage: 137.6+ KB

text class
0 virdluviasdszam bitioowa vinlirishs. . Aouvi
1 iialiwatislunatoviasinsziinisaaafis.. AU
2 Asenavian savfuvasvinaula  msudwisianis

M 3.2 1AAIYAAAIUDIVDINIIIATI Data Preparation
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218519 Model LSTM sindanidin http://178.128.216.191

Model Tugiluundnan Vector *  Input Data iiianagaumsliim
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*  unwil Label 12y Class fdaan 1-8 model.save

*  Regular expression i siuany e nMAMIVVARS LI\ © *  model.to_json()
*  Deep Cut iitadngn Pl 3, "m, “sgar, e, Sawdar, 1)
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3.1.3  Modeling
3.1.3.1. §390'18 1% Model LSTM Tun1s5ua1 x_train, y_train Tagimuaa Dense=8 19

Lookup=50 1182 epochs=20 WuNTANNUNUEIoeas 68.91%

[ ] model_path = 'comment_model.h5"

if os.path.exists(model_path):
# load json and create model
json_file = open('comment_model.json', 'r')
loaded_model_json = json_file.read()
json_file.close()
model = model_from_json(loaded_model_json)
# load weights into new model
model.load_weights("comment_model.h5")
print("Loaded model from disk")

else:
# create and fit the LSTM network
look_back = 366
model = Sequential()
model.add(LSTM(5, input_shape=(1, look_back)))
model.add(Dense(8))
model.compile (loss="mean_squared_error', optimizer=‘adam®, metrics=['accuracy'])
history = model.fit(X_train, y_train, validation_data=(X_test, y_test), epochs=28, batch_size=1, verbose=2)
# Final evaluation of the model
scores = model.evaluate(X_test, y test, verbose=8)
print("Accuracy: %.2f%%" % (scores[1]*108))

Train on 6608 samples, validate on 2200 samples
Epoch 1/20

- 35s - loss: ©.0806 - acc: ©.5355 - val_loss: ©.8722 - val_acc: 8.6105
Epoch 2/20

- 34s - loss: @.8664 - acc: 0.6465 - val_loss: ©.0663 - val_acc: ©.6555

MU 3.4 1AAIPAMAIUDIVOINITIAT Model

Epoch 20/20
- 34s - loss: ©.8502 - acc: ©.7356 - val_loss: 8.8597 - val_acc: @.6891
Accuracy: 68.91%

N 3.5 LTAI Accuracy Model = 68.91%



3.1.4 Evaluation

v H 9
Y0331 V09 Model 1o 1# 181 Accuracy NTANuULiuG 9miudIde 18iinsAnB111 Model

9 o 9 Y 1 a Y 1
LSTM %3@@@Miﬂ1ﬁu1m@§fﬂmTQﬂ1§ﬁTWQQWﬁqxﬂqﬂﬂﬂwﬂqi

9 v
MNTUABUVDINTAI 18 Model NN la latimsiheaen wazfny1nslsy epochs

Aav K Y v 1
QTH?ﬂﬂﬂﬂqﬂﬂﬂﬂHUUﬂ1§§Uﬂ1

newText = '&un ,inenns'

import re

newText = re.sub('\n[\d[\[ NN\ NS\ N2V INHNCIN) NN, ', "7, newText)

newText = newText.lower()
newText

"AAUT Snans'

tokenized_newText = deepcut.tokenize(newText)
tokenized_newText

['&auil Jneins' ]

vector_newText = get_sentence_vector(tokenized_newText)
vector_newText.shape

(300,)

X_newText = np.reshape(vector_newText, (1, 1,vector_newText.shape[@]))
X_newText.shape

(1, 1, 3@@)
y_newText = model.predict(X_newText)
y_newText

array([[-9.23440261, ©.44551373, ©.8008856 , -0.04116067, -0.89387828,
0.00608582, ©.10991187, 0.81069384]], dtype=float32)

class_name[np.argmax(y_newText)]

'aus!
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3.1.5 Deployment
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website, Frontend/Backend (W8 113113 19911611 API tta GUI Ndeaons 1aaiu

Frontend Backend API

A

MW 3.7 LAAINITOONLLLY web Application
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s O flask
Image ® Ubuntu 18.04.3 (LTS) x64 Region
Size 2vCPUs IPv4
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178128.216191
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