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Yes No
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: — S
Gain(A D) = H(D) — };—1 P(D;)H(D;) 2.1)

Y ]
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1 @ d’ Y ) a
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Entropy(p; p2 .. Pn) = —p1logapi — p2logapy ... — Pplog,pn (22)
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2.4.2 Naive Bayes
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P(B|A) = P(All]i)(:)P(B) (2.3)
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Tumavesyatoyawinmnu lvu liaansohuedoyain 1ins1v (unseen data) 14 SVM a2
v A 1 I J o 1 1
wiszuumsaaaulylunsutsdeyailu 2 dau Tasvzihaivesngudoyanineaslu
Y Yy & A vy [ ' 9
Feature space 1tz WeIN T3 191§ UNINA19 (Hyperplane) 1iioriatoyana 2 nqy Tasldaunis
1 I % 1
1&@ua39 (linear model) Tun1suiatoyaoonilu 2 Aa1d &3 lincar model auauLiudnla
1 Y A Y Aa 1 1 ] 1 A Y A A 9 ')
1NN 1idu nazezideniduniszezyieszniangy 2 nquiseziiga iduiidonazdos luh
Tnddoyanguuitangulaunifulilivellosdunisifa overfitting vosdoya amd 2.3 14
% ] 1 I 1 v
UEA 20619 Linear model Tun1suiNdoyaoenilu 2 ngu amHann15v99 SVM mstaen
Y A o 9 o o o o 1T A L~ A
duszuuieriunlsinnenannuduiusvesomeanumsauim laoutailu 2 aad fe

[ X o I 1 ] o '
Class 1 N1 Class 2 G?Nflﬂ']'iﬂigﬂ?ﬂﬁﬁﬂl@ﬁ{l}ﬂyﬂ@@ﬂlﬂuﬂtjllf)fﬂxﬂfﬂl,ﬂu UAZAINITDLULN Linear

model 18110131 1 1&1 e Model A Model B Model C 91031 Model B 1fluiduiigniaon



14

11199910 Model A 11 Model C HiyafiogIndioyauinmnu i azihldnmsihueianain 1 ua

Model B 15282 H193HIN 2 NQUNINNGA

271714

Model C

- W Model B
Class2 Model A

MELAURWA

H o ] . [ I 1
cﬂTINﬁ 2.2 91I9¥19 Linear model U3 SVM GlUﬂWﬁLL'UQGU'E’]is!ﬁ@@ﬂL‘]JU 20U

= |
2.5 114839U0A 1M (Text Mining)
A 9 A Y 9 Aa o a
mileadenuaemsaumideyadrsaumaniilsz Toriannu153Tuea

=

(Natural language [Huarianiuf o1dfoyadi lunelasuinen tazannsaiirh14lse Toni 14

U

@ o ] U [ 1
muingUszaensunizinizas Joyaniioglulandruluaifudoyanun il Tassadhs
I X * I { aa
(Unstructured) #3011 udoyaneInssad19(Semi-structured) ¥ udoyaniivainvaioia
a Y] 9 =\ (Y o A 9 I 9 a Z’, 1
Banugudounazianu lisanu msiunlosdonnuiunisldmatiantluaiuves
a J ' a 4 o
ADNNIADS Aolioedoya (Data mining) 1AL AIUVDINITUATIZHNNNHIVOINYHE AONS
Uszuranan BIMNEITUTIA (Natural language processing) i?ﬂﬁﬂﬂﬁi%}ﬁﬁ/ﬂmﬁﬂlﬂﬁmiﬁu
AUA1TAUINA (Information retrieval) N15138U§V09IAT0Y (Machine learning) 1Az DA
(Statistics) 191A 201U
2.5.1 M3Useunanamu1555u%1A (Natural language processing - NLP)
a A 3 A o Y a g 9
M31lszuIananIBIFITNIANI0 NLP (Junszuiumsnm Inaeununesiile
a d o 1 a { o 4
MBIFTTUIIAVDINYBE MINHIFTTUIA (Natural language) M09 NN BE 1 Fd0e3
@ aa o w ] A P a X A o Y A
Ml luFialsesriu annnmeineuiunesignilszangau aounumessuiludosdinig

[

a ¢ A ) A g a ¢ o 2
'Jl‘ﬂ'i'lgﬁlW’f]ﬁ]gvlﬂL"lﬂﬂlﬁ]ﬂ'J']iJWiJ'm Iﬂﬂll'f]\‘]ﬂﬂ'igﬂ@ﬂiuﬂ’li'ﬁlﬂi’lgﬁﬁaﬂq PNU



15

a d a 9 . . I o
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a d Aa o
4. MIUATEHFUAVDIAN (Parts of speech)
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I Y o a o n Y o o ) [ o Ao 9
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1] I o a
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(G601 =0 AND G602 =0 AND G603 =0

AND G604 = 0 AND G401 = 1 AND G410 =
1)
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(G601 =0 AND G602 =0 AND G603 =0
AND G604 =0 AND G402 =1 AND
G403=1) OR

(G601 =0 AND G602 =0 AND G603 =0
AND G604 =0 AND G402 =1 AND
G409 =1) OR

(G601 =0 AND G602 =0 AND G603 =0
AND G604 =0 AND G402 =1 AND
G414=1) OR

(G601 =0 AND G602 =0 AND G603 =0
AND G604 =0 AND G402 =1 AND
G404 =1 AND G406 = 1) OR

(G601 =0 AND G602 =0 AND G603 =0
AND G604 =0 AND G402 =1 AND

G408 =1 AND G406 = 1)
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(G304=0 AND G402=1) OR
(G304=0 AND G403 =1) OR
(G304=0 AND G405=1) OR
(G304=0 AND G409 =1) OR
(G304=0 AND G410=1) OR
(G304=0 AND G411 =1) OR

(G304=0 AND G107 =1 AND G407 =1)
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(G304 =1 AND G403 = 1) OR
(G304 =1 AND G404 =1) OR
(G304 =1 AND G405 =1) OR
(G304 =1 AND G408 = 1) OR
(G304 =1 AND G409 = 1) OR
(G304=1AND G410=1) OR
(G304=1 AND G412=1) OR

(G304=1AND G413=1)
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G403=10R
G413=10R
G410=1O0OR
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G401 =1 AND G414=1 OR

G401 =1 AND G402 =1 AND G409 =1 OR

G401 =1 AND G402 =1 AND G404 =1 OR

G406 =1 AND G106 =1 OR
G406 =1 AND G107=1 OR
G407=1AND G107=1 OR
G409=1 AND G402=1 OR
G412=1 AND G408 =1 OR
G412=1AND G403=1 OR
G412=1AND G413=1OR
G412=1AND G410=1 OR

G412=1 AND G405 =1
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Classification of Helping Abused Children by using Text Mining Technigues
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Abstract

The purpose of this research was to study the classification technigues of helping abused children by
using text mining techniques. The data of this research were the records of children abused cases which were in
memorandum format. The helping abused children was classified into 2 types: child assistance and child welfare
protection. Natural Language Process (NLP) was used for features extraction from case records. The features are
the words concermning to physical abuse, sexual abuse, emotional abuse, weapon, wound and related behavior.
Four classification algorithms used in this study were Decision Tree, Neural Network, Naive Bayes and Support
Vector Machine. Naive Bayes showed the best performance with achieved 88.53% precision 83.02% recall and
85.68% F-score.

Keywords :  Helping Abused Children, Classification Techniques, Text Mining
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