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ABSTRACT

Previous issues with screening children with learning disabilities had suggested that a
large number of student behavior questionnaires had to be administered, and that a screener was
required to know student information. Clearly, this took at least one semester or four months, and
one student normally required two or more screeners, which, in turn, increased teacher
workloads. Accordingly, the researcher was interested in developing a new screening approach.
The objectives of this research were 1) to develop a screening form and investigate the factors
affecting the screening of children with learning disabilities; 2) to create and measure the
effectiveness of a screening model of children with learning disabilities; and 3) to compare the
predictions of each algorithm model of a newly developed screening model with the Ministry of
Education’s screening model which conducted a normal screening. The data was collected from
238 grade 4-6 students. This was to screen children with learning disabilities by categorizing
them into two groups: children with learning disabilities and children without learning
disabilities. With data mining techniques implemented according to a CRISP-DM (Cross-
Industry Standard Process for Data Mining) process, a screening model of children with learning
disabilities was constructed and accuracy of the model was compared using Decision Tree, Naive
Bayes, and Neural Network.

The results revealed that factors affecting the screening of children with learning
disabilities were mean scores of mathematics, reading test scores, average scores of Thai
language subjects, the number of siblings, and education levels. Moreover, it was found that
Neural Network and Decision Tree had the highest efficiency. The overall accuracy of the all-

class model (Accuracy) was 95.82%, followed by Naive Bayes, which was 92.05%. It was also



discovered that the Ministry of Education’s screeding model which conducted a normal screening
indicated the accuracy of children with learning disabilities of 82.60% and the accuracy of
children without learning difficulties of 0. The model prediction using Decision Tree based on the
newly developed screening approach yielded the accuracy of children with learning difficulties of

89.47% and the accuracy of children without learning difficulties of 100%.
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