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Abstract

Calling for emergency medical services in Thailand can be contacted through the
main channel, which is the telephone number 1669, and the incident response center will consider
sending a team to assist in the accident scene, but at present, the information received from the
incident is not sufficient for planning emergency services. This research is to develop the
necessary information referral system and the decision-making system for emergency patient
assistance planning. by requesting help through the application This will be able to determine the
location of the whistleblower and send an illustration of the incident. As for the emergency
notification system, the coordinates of stationed parking positions and the readiness status of
emergency ambulances will be collected. Based on this information, emergency call center
operators will make a decision on dispatching the appropriate operations team at the scene of the
accident, including following up with the operations team. The results of testing the use of the
system found that the system was able to collect ambulance data. notification information Using
the decision-making system and information can be forwarded between the support team and the
call center As for the notification via the application, it can reduce the total time for sending
emergency information. Due to the average file size of 3.1 MB, it takes an average of 0.41
seconds per notification. As for the positioning error test, from the place where the most incidents
were reported, it was found that there was a moving average of 8.308 m. The researchers applied
machine learning models to help decision-making. The ideal algorithm for this system was
selected, a decision tree with an accuracy of 92.3% during testing and an average of 2 seconds per

session to aid decision-making. 41 seconds per incident notification As for the positioning error



test, from the place where the most incidents were reported, it was found that there was a moving
average of 8.308 m. The researchers applied machine learning models to help decision-making.
The ideal algorithm for this system was selected, a decision tree with an accuracy of 92.3%
during testing and an average of 2 seconds per session to aid decision-making. 41 seconds per
incident notification As for the positioning error test, from the place where the most incidents
were reported, it was found that there was a moving average of 8.308 m. The researchers applied
machine learning models to help decision-making. The ideal algorithm for this system was
selected, a decision tree with an accuracy of 78.99 % during testing and an average of 2 seconds
per session to aid decision-making.

The results of the user satisfaction assessment found that emergency responders
through the application were more Satisfied with patterns and symbols It is beautiful and easy to
understand, 76.7%, followed by easy-to-use and uncomplicated procedures, 70% for emergency
operators. 90% of the respondents were satisfied with the assistance in contacting the
whistleblower, followed by the faster access to the patient's location by 86.7%. This reporting and
command makes it easier and more complete than the traditional format. Make decisions to plan

patient assistance more accurate and faster.
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ﬁﬂJﬂJ']ﬂ!muﬂ”Nﬂ"lﬂﬂTJWlfJiJﬂ\i!,ﬂﬁ’l’)\ﬁll LAIAUAIIAINNLT ILLE ﬂﬁ]x”lmzaz U Ly

QU

A

{ ] 4 @ < 4 a < a { o
(epoch) A1 NBLHIINATDTY 911508 (HBA9NAAWAUNIIAIIANVIG AT WIRAINTY

v A =}

. 4 a S U a o
L’JﬁTﬁLﬂ%ﬂ\iiUMﬂﬂlﬂWW!ﬁM@uuWWﬂ"IﬂlfJ@]‘ﬂ)’V]’Jll‘ﬂ ANUHANAINIINNITIVLIA (dt) Llﬂlﬁﬂx‘]

q

Y a

< Y S o a o J =2 o I o o o
Lﬁﬂuﬂﬂﬂﬂ11ﬁ§$8$WﬂulﬂiJ1ﬂ ﬂ'JnJWﬂWﬁ']ﬂ@Nﬂﬁ']'J‘ﬂ\‘]u‘llLﬂuﬁ')!tﬂiﬁ']ﬂﬂgiuﬂ']iﬂ']u’)m
o 1 Y g o 1 R A o dy Ao o v Y 1 o oA
AU AUV ﬂ'lﬁW'WI'ILH’T‘LNﬁ]\?ll@'ﬂllﬂiwuﬂ']u%’ﬁ'lﬂﬂlui')ll 4 G]'JLL‘]JT!' hlﬂllﬂ AL UIN
Y aa a @ A a Aq Y o Y Y
@]’E]\Tﬂ'lﬁ’ﬂ?clu 3 ua (X,y,Z) ag ﬂ')']lIWWWﬁ?ﬂﬁ]ulu@ﬂu’lﬂ’lﬂu’lWﬂ’lﬂi% T]'li'ﬁlfl"l@]@\‘lﬂWi

~ T 9 A 9 Y o o l =] <
ATUNYUDINUDY 4 AN INDAINN 4 TUNIT 6lumiu,ﬂmuﬂim 4 ﬁilﬂ’]fi'ﬁ]f]’l\?\‘i’lfﬁ]\iﬂﬁTﬂ!ﬂu

7 Dy = /(X1 —2) + (Y1 —9)* + (%1 —2)* +cdt
5202919 1 ! \/( 1—x) + (1 -y +(Z1 —2)° +c

| Dy = y/(Xa =) + (Yo —9)* + (% — 2)? + c dt
32YLINYAN 2

Dy = \/(Xs —2)* + (Y — 9> + (Zs — 2)> + cdt
328291N907 3

D4=\/(X4—a:)2+(Y4—y)2+(z4—z)2+cdt

3282INYAN 4

A < <
o ¢ Lﬂummwmm

AAA o = 1 dy < A o é’ ) =
“luﬂsm‘nummumamaumnmm NAITUITUIUTUNITUINVUNINUITIUIUANUNYY

dunanisal
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2.4 Haversine formula
I o ! g { J
Haversine formula [4] (Juaumslumsmuiamiszesnanaungassningades
=} dy a ] a = o Ay Y ) =\ 9 =\ 1
yarilenuid Tan Tae luanladivm Fawadwin ldvinmsdnnaiinnugndouiisinese
[ d a 1 d‘ d' [ Y o a o
Tagilszeasd mamanumamaouiseusu ldmsmuinszunuing
@ unudle Latitude
A unudie Longitude
A@ = Latitudel — Latitudel
Al = Longitude2 — Longitude2
A v A [ d' a
R AosANveY lan(GANMAY = 6,371 N lawuas)
d ABIZYLHNIZNINYAADIYA
9
Taalaumsaail
A%
a = sin?[I(A@/2) + cosql-cosp2-sin? (7) (1

c= (2-atan2(\/;,,/(1 —a))

d=R-c

Y
Tagaansn@ou Code laaail

JavaScript:  var R =6371e3; // metres

var (P 1 = latl.toRadians();

var ()2 = lat2.toRadians();

var A(P = (lat2-latl).toRadians();

var A = (lon2-lonl).toRadians();

vara= Math.sin(A(p/Z) * Math.sin(A(p/Z) +
Math.cos((P1) * Math.cos((P2) *
Math.sin(A}\/Z) * Math.sin(A}\/2);

var ¢ = 2 * Math.atan2(Math.sqrt(a), Math.sqrt(1-a));

vard=R * ¢c;
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2.5 JSON (Java Script Object Notation)
1 1 o ] I 4 o o
JSON [5] 81U721 “1a%5U” 88N1910 JavaScript Object Notation Wuesuuadmsy
A ) A 7 2 2 ' v . A ¥
uanifasudeyanouiumes Wesuua ISON Huegluziunudonusssua (plain text ) NN
J a J 1 I o &
wyduaz Isunsuneuiumeiamnsoouinlala Taelilnseadiailu 2 uudail
< "o @ T @
1. name/value pair AYUHUIYAAS name N1 value HI0AIMIPAUAIVRIAIMI]S

Y
Y o o o

I 1
U dYY Aualay 9l {3 Glnn) 1y {“firstname” : “Sathittham”, “lastanme™ : “Sangthong”}

v

9NN 2.4

object
© | string [—{(; }=—— value | ®
Y

h

MNH 2.4 uEAg JSON 1AT98319 name/value pair

. < = v W 19y
2. list of values ﬂ')'liJﬂiJ'lEJﬂﬁ@ﬁ']fJﬂ?ieUax‘l value Lﬂﬂﬂﬂﬂ@ulliﬂﬁ@ llll@]’t’]\ﬁj name
1 = o A Y o . A [ [ [} 4 1Y) I3
AN value m‘c’J‘lJﬂ‘]JﬂTleH@u”]hlﬂﬂﬂ array, vector, list W39 sequence #1901 FU 103 INTANNN
~ 4 <3 @ @ 4 Y '
Niwesez 15N 1A 08-1234-5678, 09-8765-4321 dayanuaioz 14 [] (Aw1)) 1au [08-1234-

56787, “09-8765-4321"] AIMNN 2.5

I—(DJ [ vaiue ] 1G)—I

MW 2.5 11FA3 JSON TaT3a319 list of values

d
2.6 3 1145{16%%1!%8’(:1"!713?!1/15!‘1.Ia’(Firebase Realtime Database)
4 . . < =
gm%’ayjaﬁ&a%ﬂﬂsma (Firebase Realtime Database) [6] L‘]Ju‘lJiﬂ”l‘J;‘ﬁWu‘{lj’f)ﬂ;l‘a
7 3 9 a A3 9
@au"lauéum Google Lﬂugmmaga%uﬂ NoSQL UU Cloud mﬂmay‘aslugﬂgmmm JSON
=~ 9 . [ S A 1 (% o dy a = [

LagUNIT sync "ll’t]ll“ml,ﬂﬂ Realtime ﬂ“U‘iqﬂQ‘]Jﬂiﬂ!“I/]LGH’E)MG]@LL‘UU@ﬁiullﬁslulﬁEJ’J’JHTﬂ EIGNERT)

o A . 9 <3 @ o . < o Y
NIININUIND offline (mauﬁa%gﬂmﬂlﬂu local IUNTENINAVNI online NITNINIT sync voya
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) ?

1950 Tu3iA) 593093 Security Rules 1¥is1ansaeonuuyden lun1siindatoyaning read

K1)

. =\ 3 1 gll 9 o ~
e write Iﬂﬂllﬂ'ﬁlﬂllﬂ']ﬂ\‘]ﬂllﬂ 8 ﬂiglﬂﬂqﬂﬂ\jﬂ'lwcn 2.6

U ”! Firebase

ABCD../

Synchronize Across
Mobile Devices

O O 0

NN 2.6 uﬁmmw"l,ﬂamﬂimm Firebase Realtime Database

A < A 2 .
13190 2.1 @151\1L!ﬁﬂ\1ﬂ15lﬂﬂﬂﬁ$lﬂmﬂ]ﬂlﬂﬂqﬂu Firebase Realtime Database

aay ‘ﬂiglﬂﬂ ANUNNIY
1. String ADNUTL
2. Number Ay 31U
3. Boolean y,au (true , false)
4. Map A key , value
I 1 1
5. Array o lunaten
< o
6. Null INUAIIN
7. Timestamp Mnauuuging
8. Geopoint maumisan1ud (latitude , longtitude)




20

2.7 Web Services
. A s Ia A 1y = )
Web Services A1952UUFNALITNOONLULN Lwaauuauummamﬂaﬂumaga

1 d’ a g A ] d‘ d' EY a 1 di 1 d‘
TEUINATOIADUNUNDINIUTISUULATDUY T@]EJ‘VIﬂ'IBTVI1‘]51'Llﬂﬁ@ﬂ@]ﬁ]ﬁﬁ]ﬁﬁizﬂ’ﬂ\uﬂiﬂﬂ

a d A < a Aa 4 ~ Y a 9 A A a 4
ADUNIADS Ao XML Do IgNaumes g ‘n1611@%wgﬂLmumagammmmummm

Y o Y a . g ~ ) .

dszwnarald anvazmsliuIn1sves Web Services 1U ﬁ]%gﬂ!ﬁ&lﬂiﬂiﬂuiﬂﬂ application
A = Y a =) A a wa
DU 1u§ﬂgguu RPC (Remote Procedure Call) G]Nmﬂ‘mﬁmiilziJLE]ﬂﬁﬁ‘V]@‘ﬁ‘]JmﬂmmﬂJﬁ

A o w { I 4 { [
yoausmsmnu 13 Taenwngnldiludelumsuannlasune XML s ldisiawisoionls

< < X 3
Component 10 9 N'l@ 11 52UV %30 Platform 1@ 9 A'1& VY Protocol HTTP &41i]3Protocol
o o . A A s 3 o d ' AN Yo o &
d1131U World Wide Web #399UINDILIUA @ulﬂu(’]ﬁN‘ﬂNT}]lﬂi'Uﬂﬁ'EJEHJTLI‘V]’JIﬁﬂslufﬂﬁ
ANADTOE1INUIZNAN Application N1 Application Tuiagiiu
d
521831109 Web Services

=X 9

. ' Y 9 a o A v 3
1. Web Services G]f’JfJiﬁﬂWﬁHﬂﬂQ"’U@llﬁ’E’ﬂﬁﬁuLVIﬁ‘NﬂL!@WWﬁLﬂ“b’u“lflﬂﬁﬂulﬂuulﬂ

U

9
Tagde Tﬂmmwwamwuuq ﬁWNWﬁﬂL%ﬂuﬁjﬂﬂ Java UAZIUDYUU Sun Solaris Application

= Y @ ' . = @
Server w%m%zmﬂumﬂ C++ UagIUBgUU Windows NT W%EJ’E'N%%HJ?JH@Q{’JEJ Perl azsuegy
A . = . o ya 4 a o J dy
UVUIATON Linux  HINIATIIUUDI Web  Service ‘I/Hcl“riE]u!fV]ﬁJiL‘V\IG]fGU@QLL@WWQM%HLW'Q1H
a o Y [ Z Aa 1 4
’Qjﬂ@‘ﬁ‘]ﬂﬂiﬂﬂ WSDL uazmﬂwagiummgmmm UDDI viada1nUY %Qﬁﬁlﬁﬂ@]ﬂ@]@ﬁ@ﬁ?iﬁﬂ
[ 1 a 4
ﬂuI@t’J XML W11 SOAP Uiy
% = 9 J A J 1
2. Web Services ﬁ1l|1‘§i‘|i;]ﬂ!‘i‘c’lﬂiﬂfﬂ?ﬂiﬂ@x‘lﬂﬂil@flﬂi@%1ﬂﬂ1€]uflﬂ’6\‘lﬂﬂiIﬂ‘(’lf}ﬂu

7 P & = oa 7 ' o @ A~ Y Y o .
ll’V‘I‘i’J@ﬁ muumummﬂwaﬂm UINUY DTN UITSUUNUDYUDIAU GI,‘Vil,"lﬂﬂ‘]J Web Services

U

]
! A

X o d { A o o 4
c?ﬁumﬂumiamu‘ﬁﬁjum LU®391N Web Services gnsamndgnen mlumsiauvesesnns
a 2 A o o s Y= &
’E'Jﬂ‘l/]\‘]ﬁﬂﬂflﬁlﬁnﬂclufﬂiﬂﬂfﬂﬁ‘ﬂ‘i‘w81ﬂ‘§"ll'é]\1@\1ﬂﬂ‘ihlﬂflﬂ1m\ﬂ’iu\1
9

3. WBNIINHU Web Services §9a13150 1552501 Web Application Tagaaru
9 a < sldsiécudadd'd Aa A A 1A @ Y A
51]@ll“ﬁ1/]N@umﬂﬁlu@]Ulﬂ@ﬂﬂ’lﬂ“b’\iuﬂlﬂu?ﬁﬂllﬂiz?ﬁ/l‘ﬁIHWGl.l.!ﬂﬁ@ﬂ@?]ﬁ@ﬁ?iﬂ‘ugﬂﬂ?ﬁiﬂ
9 J = 9 Y o =R =K @ o o 9 3
HUAIU Dauvzaeemi sz uuSnunNulasansy HAZNIIIANTTIIINTTUBDIVDYADYNATY

! . 9 9 & . A o v o A

1 Web Services 1@1%%1@3@11‘!%’3‘1%’1@\1 internet (399A90A1WHVITUGOITTTUAIVDINTG

FoasrmuszUUdanNTeng
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2.8 Angular Framework
) [ <]
Angular A9 client-side MVC/MVVM Framework 738 JavaScript IHUICTINTULIY
@ I { 4
1117 Single Page Applications (SPA) W Iag Google 11U framework Noenuuuu e
< a o o '
AULONNAAFULDY dynamic A5V Taa1d Concept UL MVC H38 Model-View-Control %28
y o v o Y A o
Glﬁ‘llﬂ']ﬂ*llﬂﬂ'ﬂuﬁ”liﬂiﬂﬂl@ﬂ HTML 53354A19) ﬂ')f]ﬂ']ﬁal"ﬁ Components llﬂ HUINIINU YITIUITD
v

MIRNTOYATENI View N1 Mode Iag 14 Data Binding 5931301319 Dependency Injection

o [ < 1 { a @
foamsvnauaIulnunuAfe Dependency HNINLBHNALATY

2.9 Ionic Framework
y < 4 A Aqy o . o
jonic  framework 1T utaT03UoN 14 IUN 15 WM UL Mobile  Application U1
Y
Hybrid 3030031 "Hybrid App 1130 Hybrid Mobile App" ADE@1M15ONAUMBNNAIATUAT
= 9 Y 1 . . Ay Yo a o o .
IAYILLAI Run Tavane Platform (¥U Android , iOS ‘w"lmummuaﬂuﬂwuu f17 ionic
framework 10992 191na TuTad lumssimuife HTMLS, CSS3 1ag JAVA Script A3 3HAMI
[ Y YA 4 ' . . 9 [ I
Nan9Adl¥ADN 1YY JAVA  Script IW51271 ionic framework 1% Core #anlu Angular
Y A » . Y Ya 1 o S YY
framework VDAVDY ionic framework @1WITONAUIAAADNY Hardware ﬂl@ﬂqﬂﬂ‘im"lﬂﬂ?]ﬂ
] 4 T A < < 1 @
@y naed, lulas Inlu msasrvaeumsiendeduta udy Tasl4$a11391uA Y Phone

Gap/Cordova

Y &’ k% d' % £ U A

2.10 mmgmmﬂummnuazuuauuagummﬂaﬁli}
o v A .. <
szuuauuauumimﬁu% (Decision Support System)[18] %39 DSS 111 Software
A % d‘ ] v A a' @ [ 9 a <Y

HnIvN" T‘ﬂiuﬂsuwm&“luﬂﬁmﬁu1%Lﬂﬂ@ﬂﬂﬂ1ﬁﬁ)ﬂﬂ1'§ NITTIVTINUVDYD NITAUNTIEHUDY A

Yy Ao v v ¢ I o g o g
UAZNITATNOIULUUNEUEDU m‘c’lﬂl@%m/\lmnimtlmu UDNINUU DSS ENl,iJumiiJ'izmu

° 1 % ~ Y 4 4 < o 9 (%
NITNINIU 5$ﬂ310uﬂa1ﬂ5ﬂﬂlﬂﬂ1u1afl‘ﬂ’l\‘]@’luclfﬂwgnl'ﬁ I@ﬂ!ﬂuﬂ’]ﬁﬂﬁgﬂ’liﬁﬁﬂﬂﬂu

! g o= &

A v 1A ¥ ' v v¥ 4 2
LW@l!ﬂﬁﬂ]uW'ILHJ'UUlﬂiliﬂiﬁﬁi’lquagﬂgﬂ']ﬂi@]ﬂ’]ﬁﬂ’)ﬂﬂll"llf]\?ﬁ?ﬂ%@%l@ﬁu@uﬂqauq@]muﬁ@u

A 1 Y < As Y o 9 a s A ° A
Wi@’f]ﬁ]ﬂﬁ'l')vlﬂ'n DSS L’]JuigUﬂﬂiﬁﬁﬂﬂﬂuiﬂﬂi%ﬂ@ﬂwqm@i IWBNIAINDUNIY FSAIN

9
[ Y

<3 ~ = 9y ~ ] o v Aa =
i’JﬂLi’3%1ﬂﬂi‘gW11/]13J1J1ﬂiﬁﬁi1dﬂlluu’t]u ﬂQ’H‘H’i%Uﬂﬂ1iﬁuﬂﬁ1§uﬂ1iﬁﬂﬁu1%i}\1

=) v Aa

Y 4 9 o [ 4 { 9 d o Y
Uszneumeganiesile Joyaduuu waznsnensous N lFnsoin Tz ldlums

o < 19 A

a @ I~ r H
Uszitiumanazud lvilapnudanms ves DSS uilumsldiasesilonsuiluunduims Tums

A 9 A A Ao Y 1A A A vaaA 1 = A A
'Jl,ﬂi1$Wmﬂyaﬂﬂiﬂllﬂﬂﬂcﬁﬂcﬁﬂu !l@]uﬂ‘ﬁﬂ’liﬂaﬂﬁmﬂﬂﬁqu DSS WHNVDNUVUVIWDIWY

U

] b4
Uszansawlumsiay luifisaanisaeuduesluGesanudesnisvosdoyaniiy
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Tagdnaszuuaivayumsaaduls wwromulszaniamlumsaadulivesduinisla

v A
Sh|
=) 4 o d
. dszmavaziauedoyamsaadulounguivis el ihanud lavazilu
e lumsanauls
a A A Y9I o w 1 =] ]
2. Uszliumadenmuizay n1elavednaveduAaLanIUNITUFIVLFIY

Y a a 7 P~ A Y} Y v A oA
@‘Ui‘ﬂ'ﬁn’luﬂ'ﬁ 3&ﬂ518ﬂl!ﬂ$&1ﬁ8ﬁmEJ']J‘VI'I\‘]LE]ElﬂG]fViﬁ’ﬂﬂﬂﬁﬁ]ﬂﬂﬂﬁﬂgﬁ']ﬁiﬂﬁﬂ1uﬂﬁmﬂq@

2.11 Machine Learning

~ ¥ 4 < g & [ . =
fﬂiliﬂuiﬂ]@ﬂ!ﬂiﬁ]ﬂtﬂu@ﬂﬂﬂi%ﬂ@ll?iu\ﬂlﬁgﬂﬂ Artificial Intelligence %1370 Al
yadumsaeulszuuaeuiiawesamisaibous lddreaues laverdeyatoyadaod e vise

9 9

ﬂsgﬁummmaﬂmiﬂugqm 3J°Lél1¢lﬂllﬁ")u3’J‘JJLWENﬂ”Ii’f)’f)ﬂLHJ‘US%U‘UWI”qu a3 NNUU

[ o w o 1 v A o 3 £ o ] o
ig’,ﬂﬂfﬂgﬁﬂﬂﬁﬁzﬁ?ﬂﬂJuﬁnﬂﬂ’JﬂEJNMﬁ”lﬁlﬂﬁ waﬂmﬂmiﬁﬂuimsﬁ]auﬁ’aﬂmemammu
A A A d Aoy g X o 9 @ '
NUIDYNINIIND mimmaiwumsﬂugumummmm”lﬂ”lﬁy“lumsﬂizmammmamﬂwu

AN v '
 lumenuunou

2.12 Classification

I § o §
111 Model 152190 Supervised Model H11894 Model #0431 Target H30 A11UTN

Yo Y 3 v DY qya ) . . & ' < ,
ladautlmune Hudinsdulnizoud Tae Target Y94 Classification 3z1iutv0aMIlUNgY

1% I ] I o & a v A

vsolanyueiilu Discrete 19U yes/no, A/B/C 11udu aariu lunsyseliumaansin laan

. . o ' o ' 9 . .
Classification Model 3Z&11IDIAAIANNLLUG W30 Accuracy 18 19114 Confusion matrix

o d‘
ANNINN 2.7

T 3
or | .1
o

” A . -

—o:l!\ i 2 S

-— 33 Sy

- ) n 1) - n e ALEE

o) v ) ) Camad

M 2.7 Tree-Based Model ﬁi%&ﬁ@ﬁ %}N Classification Model
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I o 9 9 J ' = o
Wuzduoumsiiueveya Tagazlemstszunanlszuiun nazinism
mapping function Tagvziinslddoya d1uveq input 9zUNUAIAINLT x 1AZTIUVOI output
9 % % v Jd A o = 1 A . = o
unuaea s y TaeaullsHaansvisomnouzisen labels ¥30 categories FIAAOUIL
{ g v W l o ' . ! 19 1 3
ponu lugduuuMiluaonys u 1971 Email Thilu spam 150 111y spam 1iludu

Y

2.13 msiaudaulidadule (Decision Tree)

Y 9 a

@ < 4 { 1 v A
msiseuiaulidaduly (Decision Tree) [14] iHunsoslonldlumssroaudnly
H o ° p ' Y i1
Taoms ¥ Inseadrenslnddnsagadiedu 1l i lduyudeunsoutana lddeiiu e ld
P o ¥
sz Towilunisdwunilszinn(Classification) N9luayrinuuluuii(Binary Classes) taz
. ¥ o 9 ) y_ 9
Pymwunareaaia(Multiple Classes) 53un383a111501 i/ lduaasIassaiedoyalu
Y A 2 3 Y A a Pl .
g1udoya(Database)  1HBANNTAUTIIUNITAUNI HTBM15TATIZHNITDADBY (Regression
Analysis)ulﬁjaﬂﬁlﬂﬂ
v A s [ 1
au'lddadullsznendie 3 esdszneundan ldun
Yo o A o ° .
1. Ju(Node) lwdvsuszyFovosanyazlszin(Attribute)
A 9 o [} 1 1 [} ) d' = A A g’;
2. M(Branch) lddmivszymivesunazanvuzilsziivesluiviienanauy
g = ' Yy A A .
U1ATI01992380 71 1T UIFON(Edge) HIDNIT L84 (Link)

3. Tu(Leaf) Iddmsvszyanihmune(Target) visona1d(Class) voailymn

Root Node

Leaf Leaf Leaf Leaf

Node Node Node Node

mwi 2.8 msisouanldaadula (Decision Tree)
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2.14 Random Forest

a A A 9 Y ax .. g
HUIAAUDY Random Forest UA® miﬁﬁﬂmﬂaﬂ]&n‘ﬁﬂﬁ Decision Tree UUUN

ax ' o Y o Ay Y @ 9y o o A~
‘Wfﬂﬂ"]T?Jl@aiﬂﬂ’]‘ﬁﬂ'ﬁqu@’“!ﬂj Lla'Ju']WaVlvl,@l!ﬁagilllﬂall'ﬁailﬂu%li@nuﬂﬁnu']uﬂﬂ‘ﬂll

4

o Y A @ I v Y an .. A A Aq Y o

fuughnuniga anaeenuuilunadwigaiie 33013 Decision Tree AomalinnInHadns
@ I v [

Tudpvazilulassadiaduld seluduliivzalsenen lidreTrua (node) Faudas Tnuaszl

\ [ < o A [ { < [
doulvvespuanvuziludimaaou nevesdu lif(branch) naastemniluly ldvesnuanys

' '
a A

{ I L 1 <3
ngnidennadeu uazlu(ean) Hudsnogargavesdnlduaasdanquuosdoya(class) nio

U q

[

S Y SR Y A an dyd Y o A v ) a
a W‘ﬁVIllﬂiﬂﬂﬂ1§‘W81ﬂ§m m%mm’mmiuﬂeiwwamiwmﬂimmmumuazmﬂﬁﬂgm

=

Over fitting oy

Instance (Dataset)

A

N, features N, features N, features N, features
TREE #1 TREE #2 TREE #3 TREE #4
CLASS C Cl

I I I |
I
MA
I
FINAL CLASS

M 2.9 mananldmadns ludnvazdulaseadedulsd

Parameter Setup Y84n15%11 Random Forests 19N $14IUYDY Tree (AT 911U

1 A RN o Ia ' [
Node A9 Tree 84 lJnaninduiludotimsidonisagnaansn laain Tree uaazauITINAY

a9 yas A A A Aq ¥ o daa
DNAY %Ziﬂﬂ‘ﬁlﬂaﬂ Y30 100N Tree ﬂiﬂWﬁﬁW‘ﬁﬂﬂfffﬂ

q



25

) v ¢
2.15 MSI8UINVVIVE

3 a Y o < . A ° Ay 1
LﬂuﬂﬁﬁﬂugT@]EJ@WffJﬂ’ﬂiJLl'li]mﬂu(Probablhty) LWE]E]HZJTHﬂW]’E]‘]JVIG]ENﬂﬁ LU

a 1

aaansolszinnvesiieduuduyagu Usuaiauleszegnieldanisuanuasany

Q. d9
S

' < . e o & ' < o 1 = v
119213 U(Probability Distribution) A41U ANNUEITUveAI0819eesaldlsenounis
dadulvedntimanalaluanuduniszinn(Classification) @2311un1U521AN(Classifier)

Taoe1deNg ¥V Ld(Bayes’ Theorem) H30NHVDIUS(Bayes® Law)

] I a A .. . =3 1 I
ANz uuuTineu lu(Conditional Probability) #u1899ANNUI Y UYD

'
a A

o 1 o a 2 . eqe .
NITNAMA A LUONIUUANULYANITU B Lﬂﬂ%ulléjl(Condltlonal Probability of A given B) LN

[

Y o 7 = ° v I . . £
ﬂ’JEJ’ﬁiy NHWU P(A\B) %Qﬁ1m1§0ﬂ1u1mUlﬂiﬂﬂﬂ’JHJi]zL‘]Jui’JiJ(Jomt Probablhty) LNUAIY

o (% 4

' 3 A o o a X . o
Yany P(A"B) w’%‘ammm%mﬂuwmqmim A Hagtvania B Lﬂﬂﬁui’guﬂu

2.16 Cloud Computing

A a ~

1 a 14 [
Cloud Computing [17] Aov3mssldnsemnldszuuneuiineinsoninens

'
A )

v A ¢ Y A ¥ o = to & W &

auneuiaaes vodliuinis et ldlumsiiau Tasiis lusuiludesasnuie
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4 [ Ia ' [

report_telphone string 1o InsAnnaaaenay

. o
scene string ﬂi%!ﬂﬂ!ﬁ@ﬂ?ﬁm
team string nueneenllians
timestamp timestamp Jutaznms UL
updateAt timestamp Funaznawd v

. Y v K
userCreate string username WUUNN

. £
userUpdate string username @Llfgljvl*’ll
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= . . <3| 3 9 a
@1519% 3.3 Operation Collection UM 3IAVTBYANITOONU1]

Field name Type Description
. . 3 ' Y ' A a
airway_breathing map NUMMI IEMITIoManszUUMaauiiele
ambu boolean M3 1% ambu
canula boolean mslamaduniigly
clear air boolean M3 limadnmelalas
et tube boolean 713 1% endotracheal tube
inhalation boolean MINU
markbag boolean mMsl¥ markbag
oral airway boolean M35 1% oral airway
suction boolean MIYALTUNE
< [ A A A
cpr map NUMIFWHUAUTN
aed string msldasesnszan Ilfialauuuda Tuia
defib string mi3ldnseanszqn It lanyy manval
. . A o A A A
time string nAMIIMIFeAUAUTN
. o 1 A A~
yes string Mo uaLIn
< ' o
dressing_wound map HUAINITNND
dressing boolean MIMLNA
pressure boolean MIMuNaLaznanILiie
< @ Y a
drug map INUNTITNHINIYYIRNIRY
Adenosine boolean M35 1¥e1 Adenosine
Adrenaline boolean M3 1¥en Adrenaline
Amiodarone boolean M3 1¥e1 Amiodarone
Aspirin boolean M3 1¥en Aspirin
Atropine boolean M3 1¥en Atropine
Berodual boolean M3 1% Berodual
Buscopan boolean mslven Buscopan




M3199 3.3 (Av)

Chlorpheniramine boolean M3 1¥en Chlorpheniramine
Colloid boolean M3 1% Colloid
Crystalloid boolean M3 e Crystalloid
Dexamethasone boolean M35 1¥e1 Dexamethasone
Dextrose50 boolean M3 1161 Dextroses0
Diazepam boolean M3 1¥ien Diazepam
Dimenhydrinate boolean M3 e Dimenhydrinate
Furosemide boolean M35 1¥en Furosemide
Magnesium boolean M3 1¥ien Magnesium
Metoclopramide boolean M3 i Metoclopramide
Morphine boolean M3 e Morphine
Naloxone boolean M3 1¥e1 Naloxone
Nitroglycerine boolean M3 l¥en Nitroglycerine
Paracetamol boolean M3 11161 Paracetamol
Salbutamol boolean M3 11161 Salbutamol
Sodium_bicarbonate boolean M3 1¥ien Sodium_bicarbonate
. . . <] v 3 A °
iv_fluid string Lﬂﬂﬂ?ﬁi%ﬁﬁu?ﬂﬁﬂﬁ@ﬂlﬁ@ﬂﬁ?
¥ a
d10n_2 string M3 19e311¥HA dextrose 10 in 1/2 normal saline
¥ a

d5n 2 string M3 19en51197ia dextrose 5 in 1/2 normal saline

Y H a
nss string M3 1Fe15119HA normal saline

] a A o A v v H

on_lock string msilaviaoadoasuniounioulieazaisii

Y H a
rls string M3 lFasiviia ringer lactate solution

< 1 o [l

location_realtime map NUAM LU UITDNYIUD
lat timestamp 1 latitude
Ing timestamp f longtitude
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missionStatus string an1uzaIga
. < ] A Y Y
splint map INUADIUSNITHIUNADAIYNITATY
a <
hard collart boolean idondunsyiiauia
IR
ked boolean 91lnyalgnnss KED
4 @
long_spinal board boolean qﬂﬂimimwmxmuan
sling boolean ANnLvUAaDInD
A
vaccuum boolean LPJE]ﬂZ;ftTUﬂmﬁ
wood boolean auaae'lsl
time_depart timestamp wmaaﬂmﬂ@mﬁﬂm@;
. . ] v Y
time_dispatch timestamp ATV
< 1 o = U
vitalsigns map INUAIDINITLLAS ﬂJiUu'lm"lfW"llfNé}ﬂ'JEl
: o A 1 Yy
vitalsign]l BP_Diastolic number mManuau larian1ane asan 1
. o A 1 Yy A
vitalsignl BP_Systolic number Manuau laran1uu Asan 1
o ¥ A Y A
vitalsignl DTX number ﬁz@mmmaqluﬂﬁmmaaﬂ ATIN 1
F2 [
vitalsignl_GSC number AzuuumMslszdunnui anda a5an 1
FJ [
vitalsignl_O2Sat number seavoendulunszuamaon asaN 1
) FJ '
vitalsign] RR number a5 1mmelanentiauni asen 1
[l Fa '
vitalsignl _pulse number sarimsanvesizlanenilauni asan 1
1 ) g.‘l d'
vitalsignl _pupil number NIADUAUDIADUTIVDIFUIUAT ATIN 1
FJ 1
vitalsignl _symptom string E]”IﬂTiNz}‘]J’JﬁJ U PAUNALKEA WiosenNhas AN 1
A Yy A
vitalsignl _temperature number QUNHNINNY ATIN |
' o P Y A
vitalsign2_ BP_Diastolic number mManuau lariaa1a1e Asan 2
1 % a \ g’l d'
vitalsign2 BP_Systolic number MANNAU Taran UL ATIN 2
o ¥ A Y A
vitalsign2 DTX number szauihmelunszudaon ATeN 2
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. . a k2 (J Y A
vitalsign2 GSC number ﬂmuumﬁﬂszmummgﬁnm A399 2

. . @ = A y A
vitalsign2 O2Sat number seaveandaulunszudon ATIN 2

. . o & a A
vitalsign2 RR Number 2n31M 381NN AT 2

. . (Y Y @ ' & = ¥ A
vitalsign2_pulse number AT IMIAUYDIN TaADNIIUN ATIN 2

' . 4
vitalsign2_pupil number MIADUAUBIABUNIVDIFUIUAT ATIN 2
9 '
vitalsign2_symptom number mm’mfﬂ’m U YALNALKE MI0521HNNNES ATIN 2
A A

vitalsign2_temperature number QUNHUINNIY ATIN 2

15199 3.4 Ambulance Collection

I < 9 a
Lﬂumimmrem“amwmmagﬂmu
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Field name Type Description

car_number string SRR
code string sanieliia

. . a0 A
detail string 91n3alwI811i a0
image string NINTD
level string FZAUTO
location_default map AUHUINI9ATONITATOT VAN
lat number | MHUIAZAYA
Ing number | AMHIADIAYA
location_detail string TwazdeadnIunealiziinms

. . . o T @ A I a oA
location_realtime string dumiesofagiiu vseewazitluvuzesnlgiinms
lat number | MHUIAZAYA
Ing number | AHUIADIAYA

. . . . = = o A g A wa
location_realtime_detail | string TgazReaaaunsaagiu vieonsziluvuzesniinms

) 3 aem

name string "]fi’]‘ViH’JEJ‘]J{]‘]JGIﬂﬁ
number_ambulance string HUAVI0
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a . < < VA a oA Aq o
M1919N 3.5 CurrentCase Collection LﬂuﬂTiLﬂ‘LIﬂHW@i%uﬂgﬂﬁﬂﬁ‘ﬂiﬂfuﬁﬂﬂﬂui]@ﬂTW

AnausaneIIaKsoNulNIANS

Field name Type Description
id_operation string w?ammﬂﬁﬂ’aﬁﬁﬂmmmumaﬁﬂmm
AudFams
id_queue string sitanavadulse s TufiFenaauue
Aamuguddans
3.5 Use Case

A o @ ) a @
LLWUﬂ']‘W‘VILLﬁﬂ\‘lﬂ'liVlN1Uﬂl@\1[iﬂ%ﬁ$‘]J‘]J (User) AUNIAFULOWNALATY

Y K o 1
I UN

RGERL

FLYNAMTINI 09I

Tnsudug

MW 3.4 Use Case YOIUONNAIATULIUAD MR
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MuruelIiaNg

uf luwiefiians

AU ez ay

dou 9
FUYTVL \

Map HUEAUIHANT DD

Aamuagailiians

MW 3.5 Use Case YDIFUITULTIQUAaz a3

@

= a ua
uﬂﬂnﬁ1ﬂ§]ﬂﬁﬂ'ﬁ

@

UNNDINTUALATHINNAD

Y a o
1Fusmsszuuiimig

Tnsenrinaaedusameg

MW 3.6 Use Case Yaonnansudvsugailgianis
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3.6 Diagram Dataflow

Driver & First
Aid

DataBase

D 7\ / 2 7 o
‘ e e

Notification Service

\ =
/
e
=

MW 3.7 Flow chart HOWNAIATULDUHARNID U

3.7 Flow chart uawwam%fuu%'amqgmau
Y 4 = 1 =) 4
UEAIEIAUMS IF UL NART UL IR NIAY GuAE HonlFauuennamdu
3’1 A 1 A = Y A 9 1 1 =
nmiuden luanmsveanulemaes lasiana lvuali@en laun tuudie azuuuazden

Tasuuude
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Start

A

Recieve Data Report
location , text , image

Non-Em!:rgegﬂ:y*Emergo.em:g,rj

Dispatch Dispatch
Basic Team Advance Team

Monitoring
Data , image ,Text

END

WA 3.8 Flow chart HOWWAATULTUWAR NI

3.8 MINANSUI UHAUAZFINIDNBURIHIBNNRIAT Y
o Y S = v 1 2
MIvanuIUULAsHAIIz UL TAsIa 10T suUilneazBenaiae 11l
A o ) A& o w9 9 A a9 o9 P )
381  wowwalATUuUTUMARMRUIMTUAUIuNg elduIurguIN1 Tag ]y
o 4 A AAa 2’, a o A Y = Y a A 2 o 1 I
InsAnnindounAAALNNAATY 11ABAUTEN 1FUTNMINTBUIUNE NITIINULLuTY

o 2
2 Tvine A9l
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Get
Geo Location

4—Easy*Detall

Send data
,Emergency call and
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Get
Geo Location , Camera ,
Image , Text

Send data
,Emergency call

{{‘}.

Send notification

e
a oAa

MW 3.9 Flow chart HoWWaAFUNLUHTANTRNRY
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A A 9 v A 2 v Ay I Ay v
Tﬁllﬂ‘ﬂ 1 ADNITHIUNALVUNUN Tﬂﬂﬂuﬂ'ﬁlﬁ]QL‘I’W;I‘VIGI?Nﬂ’J'liJﬁ'mLi’)IﬂfJVIEj,LL%Q
"y a A Y a ' 3 < A
uluﬂﬂﬂﬂﬁﬂﬂﬁ'lﬂazlﬂﬂﬂﬁlﬂc]mﬂ LW@iﬁLﬂﬂﬂﬁWllfl'lﬂ HEAINLUATITIALTD Gﬁﬂlﬂﬂﬂﬂiﬂiﬂﬂﬂllﬂw
a @ ' o ' A o o @ . .
Walﬂ%u%ﬁﬂ‘ﬁl@y‘amLL“H‘LN(GPS) Yo UATDIINTANYN 11§39 Firebase Realtime Database 11
a % o 14 [ [ I'4 A o
E‘IJLL‘U‘]J JSON !,Lag!L@WWﬁ!ﬂG]SL!%ziﬂiﬁWﬂﬂﬂﬂUlﬂfJ\iﬁiJ'lt’Jm“UI“VIﬁﬁWVI‘]Jﬁ']fJVI'N 1669 INDN

@ 4 o Y = 9 Y A Y o o w ~
NTWAAYBNDIVNANTITW BINTT ﬂﬁgﬁﬁﬂﬂﬂﬂ wazsdunHInn A uuzihawnIng 13

a Y a 7 Y a
MAN 3.10 AULVUUBNNAAFULIAUHARNIAU

~ v 2 A v Ay 9 ' A
T‘Villﬂ‘ﬂ 2 NITHIUNALVVASIDYRA ﬂ’f]I'HiJ@ﬂ'lfl'l,!i]Qlﬂﬂﬂ@ﬂﬂﬂlﬂuﬂaﬂﬁﬁ]ﬂfﬂﬁ o

1 < [ ) [T 1 @ o 1
1.01m13541henseduiaiu 2. vunotay Insduid1viudanendy 3.4 1uMUIvD 9
A o 7 A A a = % a P} Yy oA o
Lﬂi@\iiﬂiﬁ‘lﬁl‘ﬂﬁi’ﬂﬁﬂiuﬂlﬂﬂ 4.§1Jﬂ”IW"“If\1]1ﬂ%1ﬂﬂ1§Liﬂﬂjsﬁﬁgﬂﬂﬂﬁﬂ\‘iﬂﬂgﬂ”lﬂgluiﬂiﬁwm
< A a o "9 (4 ' v . .
Fuilona Insoonuonnantuazdstoyaninaid 1169 Fircbase Realtime Database Tugiuuy
o o o J 4 o [
JSON LlﬁS‘anﬂij‘ﬂiﬂﬂﬂ]l‘iJEJ\ﬁ’TiJ”IﬂLﬁﬂlI‘ﬂﬁﬁWVll]ﬁWfJTﬂﬂ 1669 Lﬁ@ﬂTﬂWimﬂﬂﬂ%ﬂﬂTﬂ

@ o Y = 9 9 dq Po o o ~
MANIIA 8INIT ﬂi%’)@]ﬁj'ﬂ’f]ﬂ Llﬂ$S’JiJENli]”IWL!"ITﬂ‘Hﬂ%LH%HTﬂﬂﬂ”ﬁ/‘l'ﬂ 3.11
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User Application Storage Database Dispatch
Center
[m] 4— —— —Location —]

Regest camera——p

|«— —— —Image— —

SendImage——M —
|/4— —— —— —imageUr- — — — —
location , Image Url, 91015 , HinoLauTniawh =l \
ey v ! \
INTANH THOA LAY HDUHA >
-

PNTA 3.11 Sequence diagram msdwi’e)sl’fmg,a

Z dy =) 19 A . U . A
I@EJ‘VNI 2 Iwuﬂuﬂzumiﬁwaua‘w ﬂu Voice 1la¢ Data Gluﬁ’;umm Voice ADNII

u

[ 'L 4 a [ { @ 1 a J
Fonldszuu Insdnyaoasuuulndvaaninn ldsudumsasto ldidinos (Server)

<] a ) @ o @ 1 o I 1
3.8.2 L'JULLEIWWﬁLﬂclfuﬁ'"lﬁﬁﬂﬂﬂfj,ﬁﬂll%ﬂlﬁﬂlmgﬁ\?ﬂ']ﬁll‘].lﬂﬂ']ﬁ‘ﬂWﬁ”l“L!ﬂ@ﬂLﬂu RE{GH]

A a Y q ¥ 1 v A vy ' A
qaIuYgIN 1 fl]ﬁllﬂTﬁLlﬂ\iGLW‘VIiTU'J']llﬂ']ﬁl!ﬁ]Qlﬁﬁjﬁﬁi’)ﬁ\imﬂuﬁaﬂl@ﬂ’ﬂﬂﬂf’)ﬂlﬁﬁ'ﬂ
Y A ° o Y ) o A A o A v 9
”I‘H‘L!'Wlﬂigﬂ?ﬂuﬂﬁﬂllﬂ\‘llﬁﬁjlmgﬁ\?ﬂ131’ﬂﬂ”lilﬁf)ﬂ143f’)ﬂﬂﬂi@ﬁlﬁ@]ﬂ?ﬁmﬂﬂﬂﬁ%ﬂﬂﬂ'] NIy

u

e

{

9| 9 A a Ayy o ' v
\1ﬂ@u‘ll@llaL‘WllmllﬂllﬂﬁnﬂﬂTi"“BﬂfﬂiJNTHV]NTVI??’(W“VI

]

See

' ' A a ' Y A A A A
AIUGDIN 2 UAAITIYALIDIAVDINUIINTNHIONUFIVINGD AD ADIULANY
) Awa YA o ' o A A A ~ A ~Aq Y
wieululRiianinm dumvualagiuvesnussmasienlssumeus oz nansonaInlaly
a a Y a ' = Yo ~ Yy v A

Maaun1 wazBonldusmsmsdszuanavungunadsldsamsonliudys  erae
a 4 v A 1A [} A a oa 9 A Y
Inngvnazaadulalumsdeivmeniaesenifianinn ldearumunz au

' ' A vy ¥y A a Y A A ' 2 ° ' A

drudosn 3 davoyalinuaulinusIemiae Ao dIUTITHAAIMINKUINTO

A 1 A o w a oA 9 ~ 1 A 1 Y] a I 1

aounnnuIsMasmaluaniineg laarouaenuuIn1g Google Map API taziudin
YOINTAANINANTIOHAD(Ambulance monitoring) 1AYLONNAATUYDINUF I DDV E

Toyaf1n1UIN1Ge Database  Server i@ TiFonldanua1u150v09 Google

Y A

Street View Tumsuaasnmaunadousziineiingiomaslianihn uazudasdoyasinig
Y Y & A 1 Y a = 1 A @ ~
{80y an Mg MIaiNgna Ut N TAgUBNNAIATUNNYIBMADAINING 3.12 tag

NN 3.13



Recieve Data Report
location , text , image

Non-Emergeycy- Emergencyw

Dispatch
Advance Team

Dispatch
Basic Team

Monitoring
Data , image ,Text

\
( END '

MW 3.12 Flow chart Mydsnadoyadins

— 0 ©

Push Message . i P
D i Ny Firebase -, % Web Application API key
App Request 3 %
E D
% App Team
—_—
App Team

a Y A 9 a
MAUN 3.13 ﬂﬁﬁﬂ\‘lallﬂmfﬂﬁ]f‘ﬂiﬂﬁ Google map
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Google service

oo

AL

GoogleMaps G gle Street View
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3.8.3 HOWWAATUAMSUNUFIONAD

=

TaguannansuIzAesonsEon lFuenur oA ¥ dauInaIUNTod

=1

Ay Yo Y A ¢ o 9 ¢ o
Iﬂﬂ“l/léllﬂua "lm‘umuuﬂa 21017 IMANITU ﬁ]'luﬁulﬂ'ﬂﬁﬂ AATNTULLII ﬂiJ'lfJLaﬂJL’U@ﬁIVIﬁﬂW‘VI

U

1 v 9 9

dmSvAadenuduiung uaz ludiuaouinamg s 1 Fauauisaldszunimennuen

U

wandulanui ludrudoyanazaslids Database server laun Yoyao1ns doygrudn uaz

v o

1 Ao =\ ] A o a A A Y a [
ﬁmnmmwmmmmmamaa"lﬂEN Database server )1 ] 5 3UIN maimzummmiumu

2 1daamunsn)asuuilas dan1win 3.14

Start

A

Recieve Data form Dispatch center
location , text , image

Y

-

Call Navigator Service

l

Call Phone

.

A

r Take Photo

Y

Record (Send)
Time Action , Accessment
,Treatment

END

] 9
MNA 3.14 Flow chart "Uu@]@‘Llﬂ"li'1/(1,1\‘1TLI‘U@QLL@WWQLﬂ%uLL%}QLﬁﬂﬂﬂmu
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Business Data
Understanding Understanding

Data
. Preparation
Deployment —
—
Data Modeling

MR 3.15 NTLVIUMIINAULUUAIY CRISP-DM

fan: [Ref: C. Shearer, “The CRISP-DM model: The new blueprint for data mining*“. Journal of-

Data Warchousing, 5(4), 13-22, 2000 ]
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4) Modeling
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M15197 4.3 Matrix Decision tree Algorithm
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true isHospital

true non-Hospital

class precision

pred. isHospital 347 58 85.68%
pred. non-Hospital 174 525 75.11%
class recall 66.60% 90.05%

M15197 4.4 Matrix Random Forrest Algorithm

true isHospital

true non-Hospital

class precision

pred. isHospital 347 58 85.68%
pred. non-Hospital 174 525 75.11%
class recall 66.60% 90.05%
M131971 4.5 Matrix Naive bay Algorithm

true isHospital true non-Hospital class precision
pred. isHospital 502 460 52.18%
pred. non-Hospital 19 123 86.62%
class recall 96.35% 21.10%
M3197 4.6 1WEeuMeuannuuuudueay Algorithm

accuracy Precision Recall

Decision tree 78.99% 85.68% 66.60%
Random forest 78.99% 85.68% 66.60%
Naive bay 56.61% 52.18% 96.35%
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