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Academic Year 2021
ABSTRACT

A Defendant's request for bail will be ruled regarding the Criminal Court Code, B.E.
2477 (Section 108/1). The order to be temporarily released may be dismissed upon reasonable
ground based on the case information, circumstances, and criminal records of the defendants. The
former research in risks of provisional release had concluded several significant factors relied on
the reasonable ground as specified by the law. To support effective decision-making of the
judges, this work presents an automated system for risk assessment in temporary release for the
court of justice using machine learning techniques. Our constructed model classifies allowed or
disallowed requests based on reliable factors. These factors include 1) case and defendant, 2)
insurances and their securities, 3) circumstances, and 4) criminal records of the defendants.
Experiments on the sample court show that a decision-tree model obtains the highest accuracy
score on cases data during the Covid-19 pandemic year (in 2020 and 2021). Our model correctly
classifies all allowed requests. Meanwhile, only one actual disallowed request is misclassified
due to the objection requested by the plaintiff which will be further included in a training dataset.
In addition, our system fulfilled the needs of users as resulted from the high evaluation score

obtained from the court officers and judges of the sample court.
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3.2.2.4 Modeling

3 A o ¥ a ) v a v ?a v

Junoutziuiuaeunmsinizdoyadiematanisadr luii aireluaa
aemssuuniszinndoya Tag1d classification algorithm(s) A81NATA Decision Tree , Naive

[ v
A A

4 ] 1 I o
Bayes 1182  K-Nearest Neighbors (K-NN) tienimanuinzdu wazld ldmaounanga

Q

14 RapidMiner Studio 9 ium3eaiielunsadralumaa uazinilszdninm Taol
MIMUUAAT parameter AN ) il

- Decision Tree MUUAA criterion = information_gain l11¥ maximal depth = 20

- K-Nearest Neighbors (K-NN) M#uaa1 k =5

- hmsnadoudszaninimvesluaalagl9doyauuy 10-fold cross validation

-uisgavoyaseniilu 3 ya $9neulnia (il 52-62) , ¥291a%a A 63-64)

gJ/ 1 ] . é [ 4 9 1 a 9 [ =
MINUA (‘TJ 52-64) HARSYALLUN train 80% test 20% "NNﬁﬁW‘ﬁﬂ)’ﬂﬂl@Hﬁ%?ﬂIﬂ’m 1¥inaansa

q

=D.

qe

-Indszansmnuedlaaa Accuracy , Precision , Recall

d‘ o 9
M 3.5 mnluealumsiuundoya
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3.2.2.5 Evaluation

3’, g 9 a Y 9 a 9 A 9 [ ~
“lumumumz"lwwammmmwmeuammmuﬂmdmm "limumm UANDUNIS

o [ P [ (% a a o P 1 [
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o sy v g A A VA A v ~ & v o
Tagulszaean laas 13 luduaounsn wie Ianuiniedewnieaiiosla Fee1vazdoundy
o & ' ¥ A A v A vy ¥ o @ Ay 0w v
TdFvuasunsuntiunenlasunasud v wis i ldnadnsaundoans dmsumsaiia
Tuadlemaiia Classification 1111 Decision Tree , Naive Bayes lii¥ K-Nearest Neighbors
Y
(K-NN) nugatioya $29noulnia (1) 52-62) , 3291n3a (1 63-64) , nanua (3l 52-64) uaazae
1114 train 80% test 20% lauNinaaoulszansnnued1uaa tUY Cross-validation test Iagd

Y
a A v A

wamsnageulseansnin asil

Set 1 (Voyandil 52-62)

Class true0 = 1,079 class truel = 99

M99 3.3 asmsialszansamvesdeyagai 1

Class class Precision
Decision Tree pred. 0 1021 59 94.54%
pred. 1 58 40 40.82%
class recall 94.62% 40.40%
Naive Bayes pred. 0 982 58 94.42%
pred. 1 97 41 29.71%
class recall 91.01% 41.41%
pred. 0 1056 88 92.31%
pred. 1 23 11 32.35%
class recall 97.87% 11.11%

Set 2 (Yoyanail 63-64)

Class true0 = 156 class truel =4



M1 3.4 Msumsialszansamvesdeyagai 2

Method Class class Precision

Decision Tree pred. 0 156 1 99.36%
pred. 1 0 3 100.00%
class recall 100.00% 75.00%

Naive Bayes pred. 0 154 1 99.35%
pred. 1 2 3 60.00%
class recall 98.72% 75.00%

Qred. 0 156 3 98.11%

pred. 1 0 1 100.00%
(‘ recall\ 100.00% 25.00%

Set 3 (Voyandll 52-64)

Class true0 = 1,235 class truel =103

$ o Aa A 9 {
ﬂ1i1ﬂﬁ 35 @ITi'NﬂTi’Jﬂﬂigﬁﬂﬁﬂ'lWGUENﬂJ@Haifﬂﬁ 3

Class class Precision

Decision Tree pred. 0 ‘ 1175 4' 61 95.06%
pred. 1 60 42 41.18%
class recall 95.14% 40.78%

Naive Bayes pred. 0 1107 53 95.43%
pred. 1 128 50 28.09%
class recall 89.64% 48.54%
pred. 0 1224 92 93.01%
pred. 1 11 11 50.00%

class recall 99.11% 10.68%

26
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M1 3.6 muSeuiisumsiadszaniamuesdoya

set 1 (0 52-62) class Set 2 (11 62-64) class Set 3 (152-64) class

Method True True Precision True True Precision True True Precision

e lioyyn aygm | Lioygne oy | lalayge

Decision Tree pred. aygym ‘ 1021 ‘ 59 94.54% 156 1 99.36% 1175 61 95.06%
ored. iy 58 w | e8| o 3 ] mo.ou%] ) a2 | av18%
class recall 94.62% 40.40% 100.00% L 75‘00%J 95.14% 40.78%
accuracy 90.07% 97.50% 90.96%

Naive Bayes ! pred. ayye 982 58 94.42% 154 1 99.35% 1107 53 95.43%
pred. iy 97 a1 29.71% 2 ( 3 ] 60.00% 128 50 28.09%
class recall 91.01% 41.41% 98.72% L ?S.OO%J 89.64% 48.54%
accuracy 86.84% 98.12% 86.47%
ored. 3y 1056 88 92.31% 156 3 98.11% || 1224 92 93.01%
pred. sy 23 1 32.35% 0 [ 1 100.00%] 11 11 50.00%
class recall 97.87% 11.11% 100.00% 25.00% 99.11% 10.68%
accuracy 90.58% \ 98.12% 92.30%

Set 1 (0 52-62) Class true U1k = 1,079 class true iaynyn = 99, Set 2 (0 63-64) Class true auiyn = 156 class true laiaugyin = 4, Set 3 (0 52-64) Class true 9ugn = 1,235 class trueliiaygyn = 103

a J
ﬁ?ﬂﬂﬁﬂ]i?!ﬂﬁ1$‘ﬁ
= .. o 9 9 Y1 aa
1. 1/58U98 Decision Tree NUYAUBYA 3 YA VDYA set2 Ty Accuracy ANGA
97.50%
= . & Y B Y1 oA
2. 1f5euNey Naive Bayes NUYAVDYA 3 YA VDYA set2 Tvimn Accuracy ANgA
98.12%
3. 1ufSeuiiiou K-NN nugadoya 3 4@ doya se2 11 Accuracy ANga 98.12%
4. Lﬁaﬁmﬁmﬁ’fwa set2 910 class U170 class “"lajmgagm” A1 recall Y4 class
! .. @ . ) v daA
(true "lumgtym) Decision Tree 1) Naive Bayes 1HHaaNTANGA 75%
5. oW1 I9oYa set2 910 class Naulafio class “1ioynI9” A1 precision Vo4

I A

class (pred. "lu'mgtym) Decision Tree N1 K-NN “lﬁ’waﬁwqua 100%

3.2.2.6 Deployment
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Y [
2) Aanalilsunsuuniesgniie Usznouae
4 1 o J
- Microsoft Access [iNod3oya 1163 Web Application Tugtiuuves 1SON lva

- Web Browser Google Chrome 30 Fire Fox tioisonldanTsunsy

mIfaataznaaaulna

Desktop/OnPyJupyterNotebook/ & Make-XGBoost - Jupyter Notebook £ On_Model! - Jupyter Notebo
: Jupyter On_Model1 Last Checkpoint: aminute ago (unsaved changes) o Logout
File Edit, View Insert  Cell Kemel  Widgets Help Trusted Python 3 (ipykernel) @
B + % @B 4 ¢ PRn B C W |Code 8 =

In [2]: model = Model.load('onmodel@1.pmml')

In [3]: aa=model.predict({"sex":"1","age":28,"age_surety":53,"career_surety":"du 9","related":"u1m","guarantee":"3uan","p

In [4]: print(aa)
{'prediction(injunction)': '@', 'confidence(®)': ©.9792477302204928, ‘confidence(1)': 0.020752269779507133}

In [5]: print(str(aa).replace("'", '"'))

{"prediction(injunction) “confidence(®)": @.9792477302204928, “confidence(1)": 0.020752269779507133}

In [#]): from flask import Flask, Blueprint,request,jsonify
perecase = (]
hello = Blueprint(‘hello’, __name__)

@hello. route( ' /pcrccase’, methods=['POST*, 'GET'])
def hello_world():

if request.method == 'POST':
body = request.get_json()
pcreccase. append(body)
ans0@ = model.predict(body);

return { "message": str(ans@@).replace("'", '"'), "body": body }, 201
elif request.method == 'GET':
return { "pcrccase”: pcrccase }, 200

if _name__ == '__main__':
app = Flask(__name__)
app.register_blueprint(hello, url_prefix="'/")

app.run()

* Serving Flask app "_main__" (lazy loading)
* Environment: production
WARNING: This a development server, Do not use it in a production deployment.
Use a production WSGI server instead.
* Debug mode: off

* Running on http://127.0.0.1:5000/ (Press CTRL+C to quit)

127.0.0.1 - - [18/Sep/2021 12:10:24) " 200 -
127.0.0.1 - - [18/Sep/2021 12:10:41] " " 201 =
127.0.0.1 - - [18/Sep/2021 12:11:23] " “201 =
127.0.0.1 - - [18/Sep/2021 12:11:24] " " 201 -
127.0.0.1 - - [18/Sep/2021 12:11:24] " aiN20] -

v v
MNA 3.14 MNLEAIMIAAAaznagol luaa
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U JupyLel pmimi_test Last Checkpoint: 2 hours ago (unsaved changes)

File Edit View Insert Cell Kernel Widgets Help

2 + ¥ BB 4+ v PRin B C » | Code

-

n [1]: from pypmml import Model

In [2]: model = Model.load('onmodel@1.pmml')

In [3]: oint':'®','sufferer':

36

« Logout

Trusted & | Python 3 (ipykemel) C

,'act':'0', 'crime_scene':'4"','escape':'0", 'san_money':20000, ‘total_money':20000,"'flag':'0'})

Outl3]: {'prediction(injunction)': '@', 'confidence(®)': 0.9792477302204928, 'confidence(1)': 0.020752269779507133}

MNA 3.15 MNUFAININATDUNTINNUVDI TUIAA

MINATDUNIMNNUVDI API éll'JEl Postman

My Workspace New (Mmport e ntpiccanostso @ nuphocanasts . ®

L) = " hp/flocalhost: 5000/book

fa locahostS000/perccase PosT QR st osts000/pcrccise
TR ) Patams  Authorization - Headers (10]  Body #

2 hitp:ffosahostS000/acrecase —
wn htpiocaostS000/acrecsse BEEP” " @ e e WS by
3 1 hIpdhocahostS000/perccsse 1
svrs v Yesterday
3 higffocahastis000/sook
- " hitpfiocanastS000/zock

1+ hitpfiocahost:S000/B0ck
12, o hitpdfocahasts000/oock

o hitpfflocahost:S000/ook
s’ hipflocahost:5000/ook

hitp:filocahost:5000/oook

57 hitp:/focahost5000/book
%! hitp/focahost:5000/book
hitpffiocabest:S000/book

7 hitp:fflocalhest:S000/book Hesdh Tost Resutts

£ Bpfocahost5000/book
Raw  Provi Visuall
£ hitpfiocahast:S000/book Pretty o sulize  JSON

T hiip:/fiocahast:5000/book “age": 28,
“age_surety
“caresr_surety’

0°T hitp:/fiocalhost S000/Book
£ htpfiocahostS000/book
7 htp/ocaostS000/s0ok
hitp:/focamostSO00/book
nitp:/focamestSO00/book
hitp:/focahiost:S000/book

€7 hitpdocalostS000/book

7 hitpdflocalhost5000/uook

s 0",
#7 hitp fflocathost:S000/book 18 “total_soney": 20000

3 hitpdfocshost5000/book 19 h

T hitpiflocahast:5000/book n }

MNTA 3.16 MNLAAINITNATOUNITHIIUVDY API ﬁI’JEJ Postman

related”:"u
800, "tatal_money": 20009, "1

JsoH

» “message”t "{\"prediction{injunction]\"s \"B\", \"confidence(§)\": 0.9792477302204328, \"confidence(1)\": 0.820752269779507133)"

<

o Envirormant v

Bsave v 7 |8
Cookles
Beautify

18 Save Response

b a
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MINATBUMSINNTHAIY Web Browser

o % LOW BATTERY
Do you want to disconnect from *Aloneguy*?

[£) Dashboard Boxes - Highly cor X @ locaihost5000/percca X 4} localhost  localhost [onpi3 [ X | B Google Translate X 4+ J

€ C @ localhost:5000/pcrecase e OIS ; i

% How to Automatic, [E] Reading List

(3 Fishing [ Sewing 5 Anaconda 5 OnPj 5 Web_Dev

5 Hobby

i Apps 5 MyShop 55 DI Shop 5 CITE : BigDa

e37\uedB\u0el9
ude3d\udel§\ude2a\udeld", “Joint*1*0", "plaint’s 69", “related"s"\ube21\ube32\uoe23\ude14\u0e32" , “san_noney":20000, "sex":*1*, “sut ferer*:"0",

\ube2d\ube37\ubeds\ubel9
69*, “related*:*\u0e21\ude32\uoe23\ube14\ude32", *san_money":20000,

\uOe2a\ubeld*, *joint":*0", "plaint:*

je2d\u0e37\ubed8\ube 19
e ‘san_noney" 20000, "

“"related": "\ube21\uled2\ude2d\udeld\uded2", "

0", "plaint":"69",
plaint”+"69", "related":"\u0e2l\ubed2\ude23\ubel4\u0e32", "san_money" 120000, "sex"+"1", "sufferer’t"0",

“tine®:"0", *total zoney:20000})}

MNA 3.17 MNLAAINITNATOUNITHINIURIU Web Browser

% ' o
3.3 1pseananlylumsviann
33.1 Tlsunsuuazasesdionldlumswannldsunsy 1dun
I d‘ A o [ [y 1
1) T5un35u Adobe Dreamweaver (1)utASoalod M UNAUITEUD TUaIUVDI Web

Application
< 4 ) [ ' "
2) Anaconda navigator Hwasesledmsunauszunluaiuues Web Service

(API)
3) Tlsunsu Postman 1 Tumsnaaeumsdadoyalilds Web Service (APT)

4) T1J511n53 RapidMiner 1¥d1%5Un15%11 Model

5) TU5un54 Adobe Photoshop, Adobe Light Room 14 lum13eentuuay

AnLAININLszneL

o {3
6) Apache 2.2 1T U Web Server
I 4 ) @ @ 1 a [
7) Microsoft Access uAsaeiiodmsuaszunluaIuvesmsaaneny

D03 VDI 1AZ user interface T1H VI MM

9 A U o A .
332 gvoyanlglunsiiamn Av MariaDB
333 i lFlumsweunTysunsy e PHP, JavaScript, SQL , Python , VBA



UN 4
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Aau ldduiiumsszuudsziiuanuaeslunisdaesdrrinsndmsusa

1] Y 1

gAT33U (Risk Assessment in Temporary Release for Court of Justice) Tasisuaanauaz 1¥aun

[ [ A A o 4 d’ o 1 o 1:; 9 [ %
AT IANYIYT UiagilsrasAaiiodiuiganuazadInUATNasNAeINIT sz Audl tay
{ a oA a J v A
Wil inan soudaaaswansimszndoyadleau lidadule (Decision Tree) M1
1 < ' o A 9 3 9 9 aa ya

anuzulumstassying e lsiuveyailszneunislegasnisvesgiininulu
msdemiesvetlaosinnin Tasiimsialszaninimanugndesvesluea uazd1529020

= 9 [ dy
nawe lalumslyauszun aatl

4.1 wamsdalszansmuanugndes

dmsumsasaTuaanlemadin Classification 1111 Decision Tree, Naive Bayes
1az K-Nearest Neighbors (K-NN) nugadoya $29neulnia (il 52-62) , ¥291a3a (1 63-64) ,
g'/ 1 ] . Y a A
nanua (1 52-64) uaaz AU train 80% test 20% lannsnaaeulszaninimuesluma
11UV Cross-validation test 1A8UHANITNATOULUTZTANTAIN A1 Accuracy A1 Recall  11aZA

Y
Precision A47)
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A15NTIRYsEANSn e siaya

set 1 (U 52-62) class set 2 (U 63-64) class set 3 (U52-64) class
True True Precision True True Precision True True Precision
U CULTRE] oy CUGTT] Loy
Decision Tree [Fel{=ls MR 1021 59 94.54% 156 il 99.36% 1175 61 95.06%
pred. Uﬂ\*ru'm 58 40 40.82% (V] 3 100.00% 60 a4z 41.18%
class recall 94.62% 40.40% 100.00% 75.00% 95.14% 40.78%
accuracy 90.07% 97.50% 90.96%
Naive Bayes  [EsiaeRtoet 982 58 94.42% 154 1 99.35% 1107 53 95.43%
pregd. Linygm 97 a1 29.71% 2 3 60.00% 128 50 28.09%
class recall 91.01% 41.41% 98.72% 75.00% 89.64% 48.54%
accuracy B86.84% 98.12% B6.47%
K-NN pregd. ey 1056 88 92.31% 156 3 98.11% 1224 92 93.01%
pred. Lisugym 23 11 32.35% o 1 100.00% 11 11 50.00%
class recall 97.87% 11.11% 100.00% 25.00% 99.11% 10.68%
accuracy 90.58% 98.12% 92.30%

:1 (0 52-62) Class true 8yf1n = 1,079 class true laisyarw = 92, Set 2 ([ 63-64) Class true SYOUIR = 156 class true Wiaynn = 4, Set 3 (0 52-64) Class true 8yfIA = 1,235 class trueliayan =

MW 4.1 anaasnsieleufienmsialszantnmuesdoya

a d
ﬁ?ﬂﬂﬁﬂ1i?!ﬂﬁ1$°ﬁ

a \. @ 9 9 Y A
1. 138U Decision Tree NUYAVDYA 3 YA VDYA set2 Tvian Accuracy ANGA

97.50%
= . & b 9 Y1 A
2. 158Uty Naive Bayes NUYAVDYA 3 YA VDY set2 Tvim Accuracy ANgA
98.12%
= o ) ) Y1 aa
3. Llﬁﬂﬂl‘ﬂﬂll K-NN nUYAUDYA 3 Ia voya set2 1Wﬂ'] Accuracy aANga 98.12%
4. iloNn1sandeya set2 910 class Nau1eAo class “1ioyana” A1 recall Y04 class
[l @ [ RL .
(true Ty ®UNN) Decision Tree NU Naive Bayes Twadansanaa 75%
9 y q

5. 1ileN15eTeYa set2 910 class Naulafo class “lioygIa” A1 precision Yo

o A

class (pred. vliiﬂk!iym) Decision Tree N1 K-NN clﬁlwaﬁlW‘ﬁﬂTIij’] 100%

4.2 wams1sziiuandlFau (Users)
Y o Yo A ) =< 9 a
Ananszuy Idduiumsdiseanuiane lalumsldaussuumsilsziiuanm
A A J @ o PV 9 a A o o A
@oaomstlasedingn vasnn latinms ldaueialszana 1 heu Tassnadan amnwysisi

v Y AY(a oua v ' o ° o Y 1 v o &
Li]mumqﬂgummmumiﬂaaﬂ%’min PTUIU 3 AU Vi’JWH'Iﬁ'JHQ'IUTJi%‘TIﬂﬁ?JWU‘ﬁLLaS
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A o

vsmsdszanau garuguinumsdfiaauveusiniii S1uau 1 au uazdimineilszd

Y A

4 v v
matandamysys $1wau 16 au @amineglianihnnssnsds lunsddessins

Flanfag 2 au)

[

£
Taefimsutengud lFaumulsznngldau ldnadsil

dsyLang ldau

dimau 6 ¥a

@ civinnm
@ sniiida
® Hnan

. Aa 9 1
MNA 4.2 mnaaansmaenanmslszaiuanunanelalumslsauisauilszmn

ICARH

LA

d1pay 6 Wa

® zn

® o

4

d‘ a =< 9 1
MNN 4.3 nmuaasnsienanmsdsziiiuanuinane lalumslsnuuysaumea
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B soniiae DM s O thunate I son

. v ar v v, . a . v v I3 v - |
Tisunsuazaindanisizau fuiinayaledalaidesn Baagranisienzitayale slayaiinnugnsasingaia
AzAINLALAU

d' 1 a =< 1 9
MNN 4.4 mnaasnsunsmsdseiiuanunane lagenms leau
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=
asiwamsfnin

5.1 agiwamsanyn

Y
=) = [ v =}

a 7Y i o [ vy
Gluma’Jmiwwmay’mﬁawmuﬁzuumm 1%%@%@1?]@6]]@\3?”@%\11’7']9]!1/‘1“]5514

U

v v
a A =

s¥na19l) 2552 D91 2564 (Dudouiguisn 2564) Tae'ldyaiulUade g Felsznou 'l
9 = = a ¥ a = g Y y A o ¥ !
A0 AN azARIUANAA TuTUNITAIAAYEIMaTUAY taz latinsgusiiosvelaos
4 = A o v ' o ° o ¥ Y (1
17517 Teln138UA1309991Yaa%In517 11U 6,690 1599 Tasmasyyialiilass
FIA317 T1UIU 6,173 1509 (92.27%) waz hieyaralndasetiasn $1uau 517 Aideq
(7.73%) lumsddesraas ez iarsanoindoyanan q 3 dau dAe Yszdan1snszin
a a Pd ~ 9 v W Y 9 k4 a . .
ANUAA NeAMIalluaa tazdeyamsisziua latinsadnTumadiomaiia Classification
1Y Decision Tree , Naive Bayes (18¢ K-Nearest Neighbors (K-NN) fT“]JGI‘foJJ@‘{JJﬁ ¥29nouln
9
a1 52-62) , ¥291nda (@ 63-64) , Naviua () 52-64) 1ABLYALLLI train 80% test 20% 1A1IN13
nagoUYsLansnInued luaa LU Cross-validation test laglinanisnagevdseansain Al
Accuracy A1 Recall 11azf1 Precision 1taz@§131natia Decision Tree T¥AAMRNADILAZ
[ o H i a 3’, 1 1 o 1
uiudANga uazioNnsanaIndoyand 3 ga nunlugdaIumsaimsuniszuInveelsn
A [
asuelasaTalsut 2019 doyasaalnia (I 63-64) Iismnugndesnagziivéinga waayl

AN
M5190 5.1 wamsnadoUlsz@NTA M Decision Tree NUgATYAT1 AN

Method Class class Precision

Decision Tree pred. 0 156 1 99.36%
pred. 1 0 3 100.00%

class recall 100.00% 75.00%
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g]Wi’fﬂﬁﬁ : MariaDB (onpj3)

FOAI ; case_predict

o a dJ a ad oA
a1y Waa FUA YHIA | NY ADHUNY
1 | Trans ID bigint 20 PK | s
2 case 1D varchar 10 HUGLAVAA
3 Pub ID varchar 13 neavUaslszmnyu
4 case_sex tinyint 3 INE
1=918 2=14
5 case _age int 10 mqfﬁuaﬂ
. Y [
6 age surety int 10 mﬁmﬂi ANNE
= Y [
7 career_surety varchar 250 DIBN IZJ,”]J JENU
o o Jdo o
8 case related varchar 250 ANUFANNUTNUIUAY
[ [ o
9 case guarantee | varchar 250 HannIneg
10 | case plaint int 11 THAFIUANUAA
11 | case time int 11 narlumsnszinaNuAe
0=na197U 1=Na1AU
12 | case_joint int 11 anbazmInszinauEe Jgsw
NIEMANUAA
o ' o =
0=‘1/]1L‘]J‘L!ﬂ’sjll I=MaAUINY1
. d‘ a % Y
13 case_sufferer int 11 HANNANURLTY Y
o=luiidideve 1=Nigidenme
a o 1
14 case_act int 11 wqmmsmumﬂ?} INUNY
lasasos
=t =)
O=I13J3Jﬂ1§’JNLLNLl I=UNITINUAY
. . & A4 o A
15 crime_scene int 11 NWUNNNTIZTNIAITUAA LLINATY
IHAOUND
16 case_escape tinyint 4 nauni

0=lung 1=1n8
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ey T ¥ | via | Al Moz

17 san_money bigint 20 fansialsenu

18 total money bigint 20 IINTIWNAINTNG

19 | case mec tinyint 4 ARV IANI DLV
1=99W39 2=211U29 3=LUN

20 case_offense tinyint 4 AYNTZINAINAA
o="laiine 1=1n8

21 case_imprison tinyint 4 1AYYN ﬁﬁﬂ f
o="laiine 1=1n8

22 | case pending | tinyint 4 Tindoui CEFATRAMTOREL IR
0=ljog 1=0¢

23 | case_report tinyint 4 Timnsrenudamelummua
o=111/nd 1="Taiun

24 | Predict 0 double UszAnTmmvesluaai 1

25 | Predicct2 0 double UszanTmmveslueaii 2

26 AP_Score double ASHUUINUVUTDVUDIN

27 | injunction tinyint 4 mdarnamasuans el
ayanalilsenu
0=oy 1A 1=1oynIa

28 flag tinyint 4 aDIUL
0=1231n@A 1=1291n3n

%@miN : Users
CRIfT Hlaa A vina | ad A1asUe

1 User Id int 11 PK | sYid

2 UserName varchar 50 G?;'E’J Eﬁ%}i EA TN

3 UserPassword varchar 50 AN

4 RName varchar 150 %ﬁ] ana m%}




i) laa ¥ia | vina | fd fesue
5 Position varchar 200 AU
6 | Office Id int 11 SHANUIUY
7 Last Update timestamp TUNY§ ‘]J‘]J'g' a’chq A
8 | User Level tinyint 4 sEAUMI 19
9 User Img varchar 60 GLlﬂi o'lild 3 Unw
10 | Usr_mPhone varchar 10 o InsAwn
11 | User_Status tinyint 4 aouems 19
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Tuauved API 19 python A8SUAI9IA Microsoft Access

A10819AAAT (Python)

from pypmml import Model

import json

import mysql.connector

mydb = mysql.connector.connect(
host="localhost",
user="onproject",
password="onpjbd3",

database="onpj3"

print(mydb)

from flask import Flask, Blueprint,request,jsonify
perecase = []

hello = Blueprint(‘hello',  name )

@hello.route('/perccase’, methods=['POST', 'GET'])
def hello_world():

if request.method == 'POST"
body = request.get_json()
ans00 = model.predict(body);

perecase.append(body)

mycursor = mydb.cursor()
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sql = "INSERT INTO case_predict
(Pub_ID,case ID,case sex,case age,age surety,career surety,case related,case guarantee,case
plaint,case time,case joint,case sufferer,case act,crime_scene,case escape,san_money,total mo
ney,Predict 0) VALUES (%s, %s, %s, %s, %8, %s, %s, %s, %s, %s, %s, %s, %s, %s, %s, %S,
%s, %s)"

val =
(body["PubID"],body["caseID"],body["sex"],body["age"],body["age surety"],body["career suret
y"],body["related"],body["guarantee"],body["plaint"],body["time"],body["joint"],body["sufferer"]
,body["act"],body["crime_scene"],body["escape"],body["san_money"],body["total money"],
ans00["confidence(0)"])

mycursor.execute(sql, val)
mydb.commit()

return { "message": str(ans00).replace("", "), "body": body }, 201
elif request.method == 'GET"
return { "perccase": percecase §, 200
if name ==' main "

app = Flask(_ _name )

app.register blueprint(hello, url prefix="")
app.run()
Tueiuves Web Application
#10819AAA (PHP, JavaScript, SQL)

function IsByPID($PIDChk)
{



nmuwnn "_").

$remstr = array("."," ","-");

$PIDChk = str_replace($remstr,"",$PIDChk);

$sql =" SELECT * FROM case_predict WHERE Pub_ID ='$PIDChk' ;";
$result = $this->database->query($sql);

$result = $this->database->result;

$num_rows = mysqli_num_rows($result);

if ($num_rows>0 ) {

$DcLs=array();

while($row = mysqli_fetch_object($result))

{

$size=sizeof($DcLs);

$DcLs[$size][0] = $Srow->Trans_ID;

$DcLs[$size][1] = $Srow->case ID;

$DcLs[$size][2] = $row->Pub_1D;

$DcLs[$size][3] = $row->case sex;

$DcLs[$size][4] = Srow->case_age;

$DcLs[$size][5] = Srow->age surety;

$DcLs[S$size][6] = Srow->career surety;
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$DcLs[$size][7] = Srow->case_related,

$DcLs[$size][8] = $Srow->case guarantee;

$DcLs[$size][9] = Srow->case plaint;

$DcLs[$size][10] = $row->case_time;

$DcLs[$size][11] = $row->case_joint;

$DcLs[$size][12] = $row->case_sufferer;

$DcLs[$size][13] = Srow->case_act;

$DcLs[$size][14] = $row->crime_scene;

$DcLs[$size][15] = $row->case escape;

$DcLs[$size][16] = $row->san_money;

$DcLs[$size][17] = $row->total money;

$DcLs|[$size][18] = $row->case_mc;

$DcLs[$size][19] = $row->case offense;

$DcLs[$size][20] = $row->case _imprison;

$DcLs[$size][21] = $row->case pending;
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$DcLs[$size][22] = $row->case report;
$DcLs[$size][23] = $row->Predict 0;
$DcLs|$size][24] = $row->Predict2_0;

$DcLs[$size][25] = $row->AP_Score;
}
return $DcLs;
}
else {}
}

M5a9DYAIN Microsoft Access 113Uuuy json tie1i1lu1¥mnu Application
Tuziuunves Web Application

@108 1YAATI (VBA)

Public Sub SendMessageToAPI()
Dim o XML As Object

Dim url As String

Dim Body As String

Dim byteData() As Byte

DoCmd.OpenQuery "Qdel-risk", acViewNormal
DoCmd.OpenQuery "Qrisk", acViewNormal
DoCmd.Requery

caseid = Me.Rubfong

sex = Forms!ForminformationBB!ForminformationAA !sex



Age = Forms!ForminformationBB!ForminformationAA!Age
age surety = Me.Age

career_surety = Me.a22

related = Me.al02

guarantee = Me.vanilsznu

plaint = Me.plaint

Time = Me.Time

joint = Me.joint

sufferer = Me.sufferer

act = Me.act

crime_scene = Me.crime scene
escape =0

san_money = Me.Aans1a1sznu

total money = Me.price

flag=1
a=Me.a
B =Me.B
C=Me.C
D=Me.D
e=Me.e

nation = Me.nation

If B> 0 Then
=15
If C> 0 Then
I=1+2
If D> 0 Then
I=1+2

Ifa> 0 Then
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I=1+2
Else
I=1+1
End If
Else
I=1+1
Ifa>0 Then
I=1+2
Else
I=1+1
End If
End If
Else
I=1+1
If D> 0 Then
I=1+2
Ifa> 0 Then
I=1+2
Else
I=1+1
End If
Else
I=1+1
Ifa>0 Then
I=1+2
Else
I=1+1
End If

End If
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If C>0 Then
I=1+2
If D> 0 Then
I=1+2
Ifa>0 Then
I=1+2
Else
I=1+1
End If
Else
I=1+1
Ifa> 0 Then
I=1+2
Else
I=1+1
End If
End If
Else
I=1+1
If D> 0 Then
I=1+2
Ifa>0 Then
I=1+2
Else
I=1+1

End If
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Else
I=1+1
Ifa> 0 Then
I=1+2
Else
I=1+1
End If
End If
End If
End If
If I <=5 Then
sum = 10
End If
IfI1>5 And I <= 10 Then
sum = 40
End If
IfI1>10 And I <= 15 Then
sum = 60
End If
If1>15 Then
sum = 80

End If

If act > 0 Then
j=4
If joint > 0 Then
j=j+3
If sufferer > 0 Then

j=j+2
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If nation <> 1 Then
j=j+2
Else
j=j+1
End If
Else
j=j+1
If nation <> 1 Then
j=j+2
Else
j=i+1
End If
End If
Else
j=j+1
If sufferer > 0 Then
j=j+2
If nation <> 1 Then
j=j+2
Else
j=j+1
End If
Else
j=j+1
If nation <> 1 Then
j=j+2
Else
j=j+1
End If
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If joint > 0 Then
j=i+2
If sufferer > 0 Then
j=j+2
If nation <> 1 Then
j=i+2
Else
j=i+1
End If
Else
=i+t
If nation <> 1 Then
j=j+2
Else
j=i+1
End If
End If
Else
j=i+1
If sufferer > 0 Then
j=j+2
If naton <> 1 Then
j=j+2
Else

=i+l
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End If
Else
j=j+1
If nation <> 1 Then
j=j+2
Else
=i+
End If
End If
End If
End If
If j <= 6 Then
Sum2 =5
End If

Ifj>6 And j <=9 Then

Sum2 = 10
End If
Ifj>9 Then

Sum?2 = 20
End If

Total = sum + Sum?2

url = "http://127.0.0.1:5000/pcrccase"

Body — "{""CEISCID"":""" & Caseld & "ll"’""PubID"":H"H & IDCard & """,""SCX"":""" & SeX &
IIVVH’"Hage"H:H & Age & ll,"llage_surety"":" & age_surety & ",""Career_surety"":""" &
career_surety & """,""related"":""" & related & """,""guarantee"":""" & guarantee &

"""’""plaint"":""" & plaint & ""ll’""time"":Hll" & Time & "ll"’""jointﬂu:""" & joint &
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" Msufferer": """ & sufferer & """,""act"":""" & act & """,""crime_scene"":""" & crime scene
& """ M"escape"":" & B & ",""san money"":" & san money & ",""total money"":" &
total money & ",""'mc"":" & mc & ",""offense"":" & e & ",""imprison"":" & C & ",""pending"":"
& D & ",""not_reporting"":" & a & ",""flag"":""1" & """,""scrTotal"":""" & Total & """}"
Text189 = Body

Set o XML = CreateObject("MSXML2. XMLHTTP")

With o XML

.Open "POST", url, True

"nn

.setRequestHeader "Content-Type", "application/json"

.setRequestHeader "Accept", "*/*"

.send Body

MsgBox Body & Len(Body)

Debug.Print oXML.responseText
MsgBox oXML.responseText

End With

Set o XML = Nothing

End Sub



Fo-UINEND

1523amMIAnEN

Muniaagaaunihnulgiu

A J Y
9138 dz1A1N
Hamaastiadig
UMINeae [vNesITINTIY
= =
UnsANY 2548
MINAATUUNG
ADNUIIBAYINGTYS
Umstinu 2544

a o

BN OumMagAS I INEIIYMTNIAY

=

ANDVINIANE TS

Q

66



	Titlepage
	Abstract
	Acknowledgment
	Contents
	Chapter 1
	Chapter 2

	Chapter 3

	Chapter 4

	Chapter 5

	Reference
	Appendix
	Profile

